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Abstract

We derive sufficient conditions for the existence, non-existence, uniqueness
and global attractivity of stochastic recursive utilities. Our approach uses ab-
stract order-theoretic fixed-point arguments, allowing us to accommodate a
large class of Markov consumption-growth models with unbounded per-period
consumption and a broad range of recursive preferences, including non-expected
utility specifications. We illustrate the usefulness of the framework through
macro-finance applications to widely used consumption-growth models under
several preference specifications, including Epstein–Zin preferences, multiple
priors, smooth ambiguity, and Hansen–Sargent robust-control preferences. In
each application, our general conditions reduce to a simple, economically in-
terpretable parameter test that shows how fundamental parameters influence
existence and uniqueness. While uniqueness of recursive utility can be difficult
to guarantee in unbounded environments, in a Markov setting with non-unit
elasticity we establish uniqueness within the class of recursive utilities having
a so-called separability property.

Keywords: Stochastic recursive utility, unbounded consumption, non-expected util-
ity, fixed points, macro-finance.
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1 Introduction
Recursive utility plays an important role in macroeconomics and finance because it
provides a tractable way to separate intertemporal substitution from risk aversion
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and, more generally, from attitudes toward uncertainty. This flexibility has led to
applications across a wide range of topics, from household finance [13] to models
that combine economic and climate risks [12]. Following the seminal contributions
of Weil [41, 42], recursive utility has become a standard tool in macro-finance for
incorporating ambiguity, multiple priors, robust control, and other departures from
expected utility; see Backus, Routledge, and Zin [3] for a review.

This flexibility comes at a cost. Recursive utility is a fixed point of a nonlinear
stochastic operator, so neither existence nor uniqueness can be taken for granted.
Moreover, applications often feature non-expected utility or ambiguity, which further
complicates the analysis. Hence, before using a recursive preference specification in
applications, one must know whether the recursion has a solution and whether that
solution is unique. These questions are not merely technical. If multiple solutions
exist, the model may generate ambiguous welfare rankings or indeterminate asset-
pricing implications.

Following earlier contributions, including Marinacci and Montrucchio [30], one
strand of the literature has relied on finding metrics to recover contraction properties.
These methods, however, typically require restrictions that are strong for macroeco-
nomic applications, such as consumption being bounded at every date. Such restric-
tions are automatically violated by standard consumption processes with normally
distributed error terms.

This paper aims to fill this gap by providing general conditions for the existence,
non-existence, uniqueness, and global attractivity of stochastic recursive utilities with
unbounded consumption. Our approach relies on fixed-point methods in ordered
spaces, especially the techniques of Kantorovich [24] and Krasnosel’skii [27], as already
used by a few authors (see, for example, Christensen [14]).

The key novelty is our uniqueness argument. A result by Marinacci and Mon-
trucchio [31, Theorem 1] allows us to establish uniqueness using a method that is
comparatively simple relative to existing approaches. It is based on inspecting the
behavior of the concave operator on the so-called lower perimeter of its domain.
This approach is often simpler than computing the spectral radius of a subgradi-
ent/supergradient of the convex/concave operator, which is the alternative route to
uniqueness (see for instance [2] and [14]).

Recursive utility consists of two main ingredients: a time aggregator and a cer-
tainty equivalent. The time aggregator determines how current consumption is com-
bined with future continuation utility, and therefore governs the elasticity of intertem-
poral substitution (EIS). The certainty equivalent summarizes the agent’s evaluation
of uncertainty about future continuation values, capturing risk attitudes and, more
generally, attitudes toward uncertainty. We focus on the two aggregators most com-
monly used in applications, CES and Cobb–Douglas. Our assumptions on certainty
equivalents are deliberately minimal: monotonicity and subhomogeneity. These con-
ditions have natural behavioral interpretations. For instance, subhomogeneity is re-
lated to increasing relative risk aversion (see [30]).
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Our sufficient conditions for existence have a simple economic interpretation. For
CES aggregators, they depend on an adjusted consumption growth measure that incor-
porates attitudes toward uncertainty, discounting, and intertemporal substitutability.
When the EIS is below one, existence requires this adjusted measure to be uniformly
bounded away from zero; that is, consumption cannot grow too slowly.

In contrast, when the EIS is above one, existence requires the adjusted measure to
be uniformly bounded from above; that is, consumption cannot grow too fast. In the
unit-EIS case, a special case of the Cobb–Douglas aggregator, the analogous condition
is the integrability of consumption adjusted for attitudes toward uncertainty. The
non-existence results mirror these conditions: recursive utility may fail to exist if
adjusted growth is uniformly too low or uniformly too high.

These existence results may yield more than one fixed point. The key assump-
tion that delivers uniqueness of recursive utility is order concavity of the certainty
equivalent, which has a natural economic interpretation in terms of risk aversion or
ambiguity aversion. Finally, we show that uniqueness also implies global attractivity:
starting from any process comparable to consumption, repeated application of the
recursive operator converges, in the relevant sense, to the unique fixed point.

Thus far, our analysis has been deliberately abstract. We now specialize the
results to a standard Markov environment that covers many consumption growth
processes used in applications. The economy has a Markov state variable, which
represents an economically relevant variable such as the growth regime or disaster
risk. Consumption growth is allowed to depend on the current state, the next state,
and an independent shock.

In this Markov setting, when the certainty equivalent is also positively homoge-
neous and stationary, the problem can be simplified by considering recursive utilities
that take a particularly simple form: current consumption multiplied by a function
of the current state. We call such recursive utilities separable. This class of recursive
utilities is useful because it replaces the original problem of solving for an entire utility
process with the simpler problem of solving for a single function of the state. Notably,
with non-unit EIS, our conditions imply that whenever a separable recursive utility
exists, it is unique. By contrast, at unit EIS multiple separable recursive utilities may
coexist, and for Epstein–Zin preferences we characterize the set of separable recursive
utilities.

We illustrate the usefulness of the framework through applications to widely used
consumption-growth models in macro-finance under several preference specifications.
We begin with the classic Mehra–Prescott regime switching economy. In the param-
eter range considered by Weil [41], we show that our conditions for existence and
uniqueness of recursive utility are always satisfied. For certain parameters in this
range, however, relatively small changes in consumption growth rates are enough to
obtain non-existence: an increase of about 5% in a high-EIS case and a reduction of
about 3% in a low-EIS case.

The second application is a two-state hidden-regime model, in which consumption
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growth depends on an unobserved regime. Models of this type are standard in macro-
finance; see, for instance, Lettau, Ludvigson, and Wachter [28] and Ju and Miao [23].
Under the Ju–Miao calibration, our conditions imply existence and uniqueness un-
der smooth ambiguity (non-unit EIS), Hansen–Sargent robust control (unit EIS), and
multiple priors (infinite ambiguity aversion). Notably, for the smooth-ambiguity spec-
ification, uniqueness of recursive utility had not been established. Our results close
this gap by proving uniqueness under the Ju–Miao calibration.

To illustrate the non-existence conditions, we consider a counterfactual with a less
persistent low-growth regime. Under smooth ambiguity, an increase of about 8.3% in
gross growth in both regimes is sufficient for non-existence. Under multiple priors,
by contrast, a much larger increase of about 15.5% in both growth rates is required
to satisfy the sufficient condition for non-existence.

The third application is a rare-disaster model in which consumption growth is
exposed to persistent disaster risk, as in Wachter [40] and Bidder and Smith [7].
In this environment, the conditions guaranteeing uniqueness of recursive utility may
fail even though our existence conditions are satisfied. In particular, with unit EIS
the rare-disaster model can admit multiple separable recursive utilities. Surprisingly,
with non-unit EIS our results imply uniqueness within the class of separable recursive
utilities, even though they do not rule out other non-separable recursive utilities.

Finally, we apply our characterization of separable recursive utilities at unit EIS
to the constant-volatility consumption specification of Bansal and Yaron [5]. This
yields two distinct utilities belonging to disjoint cones (Section 4.7).

The paper is organized as follows. Section 2 introduces the mathematical frame-
work. Section 3 establishes the main existence, uniqueness, global-attractivity, and
non-existence results. Section 4 applies the general framework to standard macro-
finance models. Section 5 concludes. Appendix A contains the proofs and auxiliary
theoretical results, while the Supplemental Appendix (Appendix S) provides addi-
tional derivations and calculations for the applications.

Related literature. The literature on recursive preferences with unbounded con-
sumption remains limited, particularly with respect to uniqueness, which is often
established only in special cases. The contributions most closely related to ours are
Borovička and Stachurski [10], Hansen and Scheinkman [20, 21], Christensen [14],
and Pohl, Schmedders, and Wilms [36]. We return in Section 3.6 to the more tech-
nical connection between their approaches and the Epstein–Zin special case of our
framework.

Borovička and Stachurski [10] obtain necessary and sufficient conditions for exis-
tence and uniqueness in the Epstein–Zin model under the assumption that the state
space is compact. In contrast, our conditions apply to a broader class of certainty
equivalents and time aggregators, including non-expected-utility specifications. More-
over, in certain cases, we can allow for an unbounded state space.

Hansen and Scheinkman [20, 21] develop a spectral approach to Epstein–Zin re-
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cursive utility, establishing existence and, under additional restrictions, uniqueness.
Our approach accommodates a broader class of certainty equivalents.

Christensen [14] studies recursive utility without boundedness assumptions using
exponential-Orlicz spaces, which are related to thin-tailed conditions. His framework
allows noncompact state spaces and unbounded consumption, and provides existence
and uniqueness results for several important recursive specifications with unit EIS.
By contrast, our approach yields existence, uniqueness, and global attractivity for a
broader class of preferences.

Pohl, Schmedders, and Wilms [36] derive existence and non-existence conditions
for several recursive preference specifications, including Epstein–Zin and smooth am-
biguity. Our existence conditions do not rely on Jensen’s inequality. For Epstein–Zin
preferences, they neither imply nor are implied by the sufficient conditions obtained
from their explicit Jensen and Minkowski bounds.

A related dynamic-programming literature studies Bellman equations with recur-
sive utility. Le Van and Vailakis [29] analyze recursive utility in optimal growth
models with unbounded returns, and Martins-da-Rocha and Vailakis [32] use local-
contraction methods. Bloise and Vailakis [9], Balbus [4], Ren and Stachurski [37],
and Bloise, Le Van, and Vailakis [8] use monotone, concave, or Tarski-type methods
in related recursive-utility and dynamic-programming problems. In particular, Ren
and Stachurski [37] use fixed-point arguments due to Du [15] (see in particular his
Theorem 3.1). This fixed-point argument requires the positive cone of the relevant
space to have nonempty interior. In our L1 setting, the positive cone has empty
interior.

Finally, observe that solving forward-looking equations with unbounded variables
of the type studied here is also relevant for general equilibrium models, as they are
required to characterize equilibrium allocations and prices (e.g., see Beker and Chen
[6]).

2 Mathematical preliminaries
Stochastic processes. Let (Ω,Σ,P) be a probability space equipped with an in-
creasing filtration Σ = (Σt)t∈T , where T = {0, 1, 2, ...}. A process X = (Xt)t∈T is
adapted if Xt is Σt-measurable for all t ∈ T . Denote by L the set of all finitely valued
adapted processes, L+ ⊂ L the nonnegative processes and L++ the strictly positive
ones.

It is conceptually useful to regard a discrete-time adapted process as a measurable
function defined on a suitable σ-algebra (see also Appendix A of [30]). It is enough
to introduce the σ-algebra F in Ω × T , defined as A ∈ F if and only if the t-section
At ∈ Σt for all t ≥ 0.

In what follows, some subspaces of L+ will be relevant. Given a scalar 0 < δ < 1,
consider the discrete measure cδ ({t}) = δt for t ∈ T and the corresponding L1-space
L1 (Ω × T,F , P ⊗ cδ) ⊂ L, denoted by L1 (δ) for simplicity. The norm in L1 (δ) is
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given by
∥X∥ =

∫
|X (ω, t)| d (P ⊗ cδ)

where X is an equivalence class of measurable functions rather than a single function.
We use the same symbol to denote the L1-norms of the functions Xt, if no confusion
arises. Namely,

∥Xt∥ =
∫

|Xt| dP = E [|Xt|] for each t ∈ T .

By Fubini’s theorem we have the relation1

∥X∥ =
∑
t∈T

∥Xt∥ δt.

The order relation X ≤ Y in L, as well as in L1 (δ), means Xt ≤ Yt, a.s., for all
t ∈ T . The cone L1

+ (δ) consists of the elements X ∈ L1 (δ) satisfying X ≥ 0. The
cone L++ (δ) consists of the elements X > 0, namely Xt > 0, a.s., for all t. We will
also use the stronger order relation Y ≫ X, meaning that Y ≥ X + ε for some ε > 0.

The space L1 (δ) equipped with the order ≤ is a Banach lattice (i.e., a Riesz space
endowed with a complete lattice norm, see for instance [1, 35]). It has the property
of being Dedekind σ-complete2. This entails the so-called monotone convergence
property. In symbols, if Xn ↑ ≤ X for some X ∈ L1 (δ), then there is an element
X∗ ∈ L1 (δ) such that Xn ↑ X∗ = supn Xn and the convergence holds in the space
L1 (δ). This last property is just a consequence of the monotone convergence theorem.
In the Russian literature ordered vector spaces having these properties are said to have
a regular positive cone (see [27, Section 1.5]).

Given an element X ∈ L+, K (X) denotes the convex cone

K (X) =
⋃

0<λ<µ<∞
[λX, µX] .

An element Y belongs to K (X) if and only if λX ≤ Y ≤ µX holds for some λ, µ > 0.
For future reference, notice that in this case there exist a least µ and a greatest λ for
which one has λX ≤ Y ≤ µX.3

To gain economic intuition for the condition Y ∈ K(X), observe that it implies
that Y and X have comparable long-run growth rates: more precisely, these rates do
not diverge from one another on average. The cone K (C) of consumption processes
comparable with C will play an important role throughout the paper. Indeed, it will
be the natural domain for the recursive preferences associated with the consumption
process C. Let us add some simple properties of it. If C ∈ L++ , then K (C) ⊂ L++ .
If C ∈ L1

++ (δ), then K (C) ⊂ L1
++ (δ).

1This L1 (δ)-norm is the L1-counterpart of weighted supnorms adopted by Boyd [11] and [30].
2Indeed, it is Dedekind complete too (see for instance [34, Proposition II.4.1]), but the complete-

ness for countable sets suffices for our purposes, as will become apparent later on.
3This property is true in any Archimedean ordered vector space.
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Aggregators. Consider the CES aggregator W : R2
++ → R+ given by

W (x, y) =
(
(1 − β)xr + β yr

)1/r
, x, y > 0

where 0 < β < 1 and r ∈ (−∞, 0) ∪ (0, 1). The aggregator W is monotone, positively
homogeneous and concave. Clearly, for r ∈ (0, 1) it can be extended continuously on
x, y ≥ 0. Note that the economic counterpart of r is the elasticity of intertemporal
substitution, defined by

EIS := 1
1 − r

.

Hence, r < 0 ⇐⇒ 0 < EIS < 1, while 0 < r < 1 ⇐⇒ EIS > 1. Moreover, observe
that the limit case r → 0 yields the Cobb–Douglas aggregator W (x, y) = x1−βyβ,
corresponding to unit elasticity of intertemporal substitution, EIS = 1.

Certainty equivalents. The certainty equivalent operator M, in general, maps a
portion of L+ into L+. The notation Mt (X) denotes the t-th component of M (X) .
At present, the certainty equivalent will not be entirely specified. We list below some
classes of certainty operators that will be used below.

i) M is monotone, i.e., X ≤ Y =⇒ MX ≤ MY
ii) M is σ-order continuous, i.e., Xn ↑ X =⇒ M(Xn) ↑ M(X), as well as

Xn ↓ X =⇒ M(Xn) ↓ M(X)
iii) M is subhomogeneous, i.e., M (αX) ≥ αM (X) for α ∈ (0, 1) ⇐⇒ M (λX) ≤

λM (X) for λ > 1.
iv) M is order concave, i.e.,

M (αX1 + (1 − α)X2) ≥ αM (X1) + (1 − α)M (X2)

holds for every α ∈ [0, 1] and 0 < X1 ≤ X2. Order convexity is defined analogously.
Note that (ii) implies (i).

Remark 1. A broad class of subhomogeneous operators is given by the so-called
quasi-arithmetic means, i.e., Mt (X) = ϕ−1 (Et (ϕ ◦Xt+1)) where ϕ is a twice-differentiable
and strictly monotone function that exhibits increasing relative risk aversion (IRRA);
see [30, Proposition 7]. In the following, a central role will be played by the Kreps–
Porteus case ϕ(t) = ts, i.e., Mt (X) =

(
Et

(
Xs

t+1

))1/s
where 1 − s is the coefficient of

relative risk aversion,
RRA := 1 − s.

We refer also to the discussion in Section 3.6 and Proposition 17. Its Markovian
counterpart is the Epstein–Zin certainty equivalent treated in subsection 4.1 (see
(23)).
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Recursive utility. Recursive utilities will be identified with the fixed points of an
operator acting on the space L1 (δ). Given a consumption process C ∈ L++, the
operator T under study is4

TX := W
(
C, M(X)

)
. (1)

A recursive utility is a fixed point U of T, i.e.,

U = T(U) ⇐⇒ Ut = W (Ct, Mt(U))

for all t ∈ T.
In the following we will restrict our analysis to the most relevant certainty opera-

tors for which Mt(U) ≡ Mt(Ut+1). Written explicitly, the recursive utilities Ut solve
the forward-looking difference equation

Ut = [(1 − β)Cr
t + β (Mt(Ut+1))r]1/r for t ∈ T (2)

Here Ct is the current consumption and the stream (Ut)t≥0 associated with the con-
sumption process C is known in the macroeconomics literature as the continuation
value (see for instance Hansen et al. [18]). In this setting, β is the subjective dis-
count factor, while r = 1 − EIS−1 is the parameter associated with the elasticity of
intertemporal substitution.

We note that the operator T is subhomogeneous, provided M is. Actually, since
our aggregator function W is monotone and positively homogeneous, we have, for
α ∈ (0, 1)

T (αX) = W (C,M (αX)) ≥ W (αC, αM (X)) = αW (C,M (X)) = αT (X)

Moreover, as W is continuous, if M is σ-order continuous then T enjoys the same
property.

Let M be monotone and subhomogeneous. If M (C) ∈ L+, then K (C) ⊂ L+.
Indeed, if X ∈ K (C), then X ≤ λC for some λ > 1. Hence, under our hypotheses

M(X) ≤ M (λC) ≤ λM (C) (3)

and so M(X) ∈ L+.

3 Existence and uniqueness
In this section we study in detail the recursive preference (2), namely the fixed points
of the operator T of equation (1). Since the sign of r determines the relevant existence
and uniqueness conditions, it is convenient to distinguish the low-EIS case r < 0
(EIS < 1) from the high-EIS case 0 < r < 1 (EIS > 1). We then consider the Cobb–
Douglas limit r = 0 (EIS = 1), before establishing global attractivity and the related
non-existence results.

4Indeed T depends on the process C, and so one should write more correctly TC . Analogously
a fixed point U of TC should be labelled as UC .
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3.1 Low EIS: r < 0
Since the function φ (t) = [(1 − β)xr + t]1/r is decreasing,

(1 − β)1/rx = φ (0) ≥ [(1 − β)xr + βyr]1/r = W (x, y)

and so we have the upper bound

W (x, y) ≤ (1 − β)1/rx (4)

To get results on the fixed points of T we impose restrictions on the consumption
processes under analysis.

Lemma 2. Let M be monotone and subhomogeneous and C ∈ L++. Suppose that
the following two assumptions hold:
a) M (C) ∈ L+;
b)

M (C)
C

≫ β
1

|r| . (5)

Then
T (εC)
εC

≫ 1 (6)

holds for all ε > 0 sufficiently small.

Observe that (6) implies that T (εC) ≥ εC. Moreover (4) implies that T (X) ≤
(1 − β)1/rC whenever T (X) is well defined. Therefore, under the hypothesis of
this Lemma, we deduce that T maps the interval

[
εC, (1 − β)1/rC

]
into itself for all

sufficiently small ε > 0.
This is the main ingredient to get the next result on the existence of fixed points.

Its proof uses an argument based on Kantorovich’s fixed-point theorem [24, p. 68];
see also [27, Th. 4.1(b)] and [14, Prop. 3.1 (i)].

Proposition 3. Let r < 0. Assume that (i)-(ii)-(iii) hold for the certainty operator
M. Let C ∈ L1

++ (δ) for some δ > 0 and M (C) ∈ L+. If

M (C)
C

≫ β
1

|r| , (7)

then T : K (C) → K (C). More precisely, for every X ∈ K (C) there exists an ε > 0
such that

εC ≤ T (X) ≤ (1 − β)1/rC (8)

Moreover, the set of the fixed points of T in K (C) is not empty and contains the
greatest fixed point.
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A few comments are in order. The condition C ∈ L1
++ (δ) is a very mild restriction

on the growth of the paths of consumption as δ approaches 0. Though the value δ
does not appear in condition (7), its positivity is crucial to guarantee the Dedekind
σ-completeness of the space.

As will be seen in the proof, a consequence of the fact that T maps
[
εC, (1 − β)1/rC

]
into itself is that T also has a least fixed point U ε

∗ in this interval; but it depends on
the scalar ε and so the existence of a least fixed point in K (C) is not assured.

Condition (5) has a simple economic interpretation. It is equivalent to

1
β

(
M(C)
C

)|r|

≫ 1. (9)

The ratio M(C)/C is the certainty-equivalent value of future consumption relative
to current consumption. Hence the left-hand side is an adjusted measure of con-
sumption growth that incorporates attitudes toward uncertainty, discounting, and
intertemporal substitutability. When the EIS is below one, existence requires this
adjusted growth measure to be uniformly large enough: consumption cannot grow
too slowly.

3.1.1 Uniqueness

We need the concept of lower perimeter ∂⋄A, for a subset A of an ordered vector
space, introduced by Marinacci and Montrucchio [31]. We refer to that paper for the
general definition and focus here only on the lower perimeter ∂⋄

[
εC, (1 − β)1/rC

]
of

the interval
[
εC, (1 − β)1/rC

]
of Proposition 3.

The elements of such a lower perimeter are5

∂⋄
[
εC, (1 − β)1/rC

]
=
{
H ∈

[
εC, (1 − β)1/rC

]
: inf H

C
= ε

}
(10)

Actually, by Proposition 4 of [31], the process H ∈ ∂⋄
[
εC, (1 − β)1/rC

]
if and

only if

inf H − εC

((1 − β)1/r − ε)C = 0 ⇐⇒ inf H

((1 − β)1/r − ε)C = ε

((1 − β)1/r − ε)

⇐⇒ inf H
C

= ε

We are in a position to establish sufficient conditions for uniqueness of the fixed
points of T. Observe that order concavity of M implies that T is order concave as
well, as it is easy to check.

5Recall that all our random variables are indeed equivalence classes. Thus, infω Y (ω) means
inf {x : P (Y < x) > 0}.
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Proposition 4. Under the assumptions of Proposition 3, suppose in addition that
M is order concave. Then the operator T has a unique fixed point in the cone K (C) .

This result shows that, once existence is guaranteed, no further growth restriction
is needed for uniqueness in the case r < 0. Order concavity of the certainty equivalent
is sufficient to obtain uniqueness. Economically, this means that sufficiently strong
risk or uncertainty aversion rules out multiple continuation-value processes compatible
with the same consumption stream. We now turn to the high-EIS case.

3.2 High EIS: r ∈ (0, 1)
In this case the CES aggregator W has the obvious lower bound

W (x, y) ≥ (1 − β)1/rx (11)

that implies T (X) ≥ (1 − β)1/rC.
An argument analogous to that used for the case r < 0 shows that the condition

M (C)
C

≪ β−1/r

implies that
T (λC) ≤ λC for λ > 1 large enough.

Therefore, a proof similar to that of Proposition 3 delivers the next result.

Proposition 5. Let 0 < r < 1. Assume that (i)-(ii)-(iii) hold for the certainty
operator M. Let C ∈ L1

++ (δ) for some δ > 0 and M(C) ∈ L+. If

M (C)
C

≪ β−1/r

then T : K (C) → K (C). More precisely, for all X ∈ K (C) there exists a scalar
λ > 1 for which

(1 − β)1/rC ≤ T (X) ≤ λC.

Moreover, the set of the fixed points of T is not empty in K (C) and the least fixed
point is included in it.

The analogue of (9) is here

β

(
M(C)
C

)r

≪ 1.

This condition also has a simple economic interpretation. The left-hand side is an
adjusted measure of consumption growth that incorporates attitudes toward uncer-
tainty, discounting, and intertemporal substitutability. When the EIS is above one,
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existence requires this adjusted growth measure to be uniformly bounded from above:
consumption cannot grow too fast.

In this case the lower perimeter is given by

∂⋄
[
(1 − β)1/rC, λC

]
=
{
H ∈

[
(1 − β)1/rC, λC

]
: inf H

C
= (1 − β)1/r

}

Therefore for uniqueness it is required that T
(
(1 − β)1/rC

)
/C ≫ (1−β)1/r together

with the assumption of order concavity. Notice that T
(
(1 − β)1/rC

)
≫ (1 − β)1/rC

is equivalent to the condition M (C) /C ≫ 0. The next proposition formalizes these
facts.

Proposition 6. Let 0 < r < 1. Assume that (i)-(ii)-(iii) hold for the certainty
operator M. Under the additional condition that M is order concave, T has a unique
fixed point in K (C) if

0 ≪ M (C)
C

≪ β−1/r

The key point of the proof of this result is that the relation T
(
(1 − β)1/rC

)
/C ≫

(1 − β)1/r is equivalent to M (C) /C ≫ 0, which in turn is nothing but the lower
perimeter condition for uniqueness discussed earlier.

3.3 Unit EIS: r = 0 and Cobb–Douglas case
We now look at the Cobb–Douglas aggregator

W (x, y) = xαyβ

with α > 0 and β ∈ (0, 1) . The specification α+β = 1 is of some interest since it can
be seen as the limit of the CES aggregator as r → 0 (i.e., EIS → 1). The associated
operator is given by

T (X) = Cα [M (X)]β (12)

Set p = (1 − α) /β. Clearly p ≥ 1 when α + β ≤ 1 and p = 1 if α + β = 1.
The search for fixed points of (12) is quite simplified with respect to the CES case,

thanks to a property which we are going to highlight in the following definition.

Definition 7. An operator T : L+ −→ L+ is said to be q-subhomogeneous, q ∈ (0, 1) ,
if

T (εX) ≥ εqT (X) ⇐⇒ T (λX) ≤ λqT (X)

holds for all X ∈ L+, ε ∈ (0, 1) and λ > 1.

We refer to [31] for more details on this strengthened version of subhomogeneity.
This immediately yields the following result. Its trivial proof is omitted.
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Proposition 8. If the certainty equivalent M is subhomogeneous, then the operator
T in (12) is β-subhomogeneous with β ∈ (0, 1) .

Unlike the CES case, the next proposition proves that existence and uniqueness
in K(C) coincide, and concavity is not needed, thanks to Proposition 8.

Proposition 9. Assume that (i)-(ii)-(iii) hold for M. Then T : K (C) → K (C) and
the set of its fixed points is not empty in K (C) if and only if

M(C) ∈ K (Cp) . (13)

In such a case T has exactly one fixed point in K (C).

If r = 0 then p = 1, and condition (13) reduces to M(C) ∈ K(C). Thus, in
the unit-EIS case, this growth condition guarantees the existence and uniqueness in
K(C).

Remark 10. Uniqueness cannot hold in all of L1
++ (δ) . Suppose that M is positively

homogeneous. If U is a fixed point in L1
++ (δ) then V (λ) =

(
λβ−t

Ut

)
is a fixed point

of T in L1
++ (δ), for every λ ∈ (0, 1]. In other words, every fixed point generates a

continuum of non-comparable fixed points. Indeed, K (V (λ)) ∩ K (V (λ1)) = ∅ for
λ ̸= λ1. To see this, let V ≡ V (λ) for short. Then

(TV )t = Cα
t [Mt (Vt+1)]β = Cα

t

[
Mt

(
λβ−(t+1)

Ut+1
)]β

= λβ−t

Cα
t [Mt (Ut+1)]β = λβ−t

Ut = Vt

Since V (λ) ≤ U , V (λ) ∈ L1
++ (δ) and so it is a fixed point.

The condition M(C) ∈ K (C) for α + β = 1 is quite strong and, as we shall see
later in Section 4.3, it may fail in economically relevant cases. This does not imply
the non-existence of fixed points outside the cone K (C) . Looking at the proof of
Proposition 8, it is easy to realize that it can be generalized by replacing the cone
K (C) with any other cone K (Z), with Z ∈ L1

++ (δ).

Proposition 11. Assume that M satisfies (i)–(iii). Let α+ β = 1 and Z ∈ L1
++(δ).

Then T : K(Z) → K(Z) and has a unique fixed point in K(Z) if and only if

M(Z) ∈ K
(
C−α/βZ1/β

)
. (14)

In other words, to each admissible cone K(Z) there corresponds a unique fixed
point U ∈ K(Z), provided (14) holds.

For the Epstein–Zin certainty equivalent Mt(X) =
(
EtX

s
t+1

)1/s
, we can go further

and characterize explicitly the processes Z satisfying (14). Indeed, condition (14) is

13



equivalent to the existence of an adapted process B ∈ K(1) such that (see the proof
of Proposition 11)

Et

[
Zs

t+1

]
= C

−αs/β
t Z

s/β
t Bt. (15)

It is worth remarking that, whenever in (15) the process Z is generated by a
constant Bt ≡ B > 0, we can calculate the unique recursive utility in K (Z) given by

U = B
β/(sα)

Z. (16)

3.4 Attractivity
Uniqueness of the fixed point implies that the iterates converge to it from any initial
point. Recall that in a Riesz space a sequence (Xn) order converges to the point X,
in symbols Xn →̊ X, whenever

|X −Xn| ≤ Zn

holds for a nonnegative and decreasing sequence Zn ↓ 0. Clearly in L1 spaces order
convergence implies pointwise convergence a.s., as well as L1-convergence thanks to
Beppo Levi’s theorem.

Proposition 12. Assume that C ∈ L1
++(δ). Let T : K(C) → K(C) be the operator

of Proposition 4 or Proposition 6 having a unique fixed point U . For every initial
point X ∈ K(C), we have Tn(X)→̊ U and

∥∥∥U − Tn(X)
∥∥∥

L1(δ)
→ 0.

The next simple example illustrates why uniqueness is formulated for the cone
K(C). Even in a deterministic economy, the recursive utility equation may admit
several positive solutions, although only one of them belongs to K(C).

Assume there is no uncertainty and that consumption is constant, Ct := 1. Con-
sider the linear certainty equivalent Mt(X) = Xt+1. The recursive equation is

Ut =
[
(1 − β) + βU r

t+1

]1/r
.

Clearly, the constant process Ut := 1 ∈ K(1) is a solution of the recursive equation.
If we now, for every A ≥ 0, define

UA
t :=

[
1 + Aβ−t

]1/r
,

then
T
(
UA

)
t

=
[
(1 − β) + β

(
UA

t+1

)r]1/r
= UA

t

Hence UA is a fixed point of T for every A ≥ 0. If A > 0 and r ∈ (0, 1), then UA
t ↑ ∞,

while UA
t ↓ 0 if r < 0. In both cases UA /∈ K(C) while the only fixed point in K(C)

is Ut ≡ 1.

14



3.5 Non-existence
Propositions 3 and 5 state sufficient conditions for the existence of recursive utili-
ties. We show that those conditions are “almost” necessary, under slightly different
hypotheses on the certainty equivalent operator.

Proposition 13. Let r ∈ (0, 1) and M be monotone and positively homogeneous. If

M(C)
C

≥ β−1/r, (17)

then T has no fixed point in L+.

Thus, when the EIS is above one, adjusted consumption growth cannot be uni-
formly too high. If the certainty-equivalent value of future consumption is everywhere
large enough relative to current consumption, there is no recursive utility.

A perfectly analogous result is valid for r < 0, by replacing (17) with the condition

M(C)
C

≤ β1/|r|, (18)

which implies there is no fixed point in L++.

The severe restrictions (17) and (18) guarantee the everywhere non-existence of
fixed points. We next provide a weaker result which rules out fixed points in the cone
K(C) only.

Proposition 14. Let M be monotone and subhomogeneous. For r ∈ (0, 1) , under
the condition

sup M (C)
C

= ∞

no fixed point of T lies in K (C) .
For r < 0 the same result holds whenever

inf M (C)
C

= 0.

3.6 Epstein–Zin preferences and related literature
As discussed in the introduction, much of the literature related to ours on recursive
utility with unbounded consumption or unbounded state variables focuses on Epstein–
Zin preferences. We now make the connection to our framework more explicit. In
this case, the certainty equivalent is Mt(X) = (EtX

s
t+1)1/s, so the recursive utility

satisfies
Ut =

[
(1 − β)Cr

t + β
(
EtU

s
t+1

)r/s
]1/r

. (19)
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In terms of the economically relevant parameters EIS = (1−r)−1 and RRA = 1−s,
the exponent ratio above is r/s = (1 − EIS−1)/(1 − RRA). The standard expected
utility model corresponds to RRA = EIS−1, while RRA > EIS−1 corresponds to a
preference for early resolution of uncertainty. Markov specifications are discussed
more extensively in the next section.

We have already remarked that the operator T associated with (19) is concave for
s ≤ 1. Setting gt+1 := log(Ct+1/Ct), we obtain

Mt(C)
Ct

= Mt

(
Ct+1

Ct

)
= Mt (egt+1) = (Ete

sgt+1)1/s .

Hence, in the Epstein–Zin case, the abstract conditions in Propositions 4 and 6 be-
come restrictions on the conditional certainty-equivalent growth rate of consumption.
This is the same object that appears, in transformed form, in the existing literature.
The main difference is that those papers often work with transformations of (19),
whereas our results are stated directly in terms of the order properties of T.

For instance, setting ut = Ut/Ct gives

ut =
[
(1 − β) + β

(
Et

[
us

t+1e
sgt+1

])r/s
]1/r

= Γr

((
Et

[
us

t+1e
sgt+1

])1/s
)
, (20)

where Γr(t) = [(1 − β) + βtr]1/r.
If U solves (19) in K(C), then u solves (20) in the cone K(1). The operator

associated with (20) inherits the relevant order properties of T and will be useful
below; in fact, it is closely related to the operator A of the next section.

Alternatively, we can make a further change of variable by setting

ψt = ur
t =

(
Ut

Ct

)r

.

The variable ψt/(1 − β) is known in the literature as the wealth-consumption ratio
(see [16]). This gives

ψt = (1 − β) + β
(
Et

[
ψ

s/r
t+1e

sgt+1
])r/s

.

This formulation is used, in different forms, by Hansen and Scheinkman [21] and Pohl,
Schmedders, and Wilms [36]. It is especially convenient because it can also handle
parameter regions not directly covered by the concavity argument above.

For example, let r ∈ (0, 1) and s > r. The associated operator

S(ψ) = (1 − β) + β
(
Et

[
ψs/resgt+1

])r/s

is monotone and convex. Set

M = sup
t,ω

(Ete
sgt+1)r/s .
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If M < β−1, then S maps any interval [(1 − β), γ] into itself whenever

γ ≥ γ := 1 − β

1 − βM
.

Moreover, for every γ > γ,

γ − S(γ) ≥ γ[1 − βM ] − (1 − β) = (1 − β)
(
γ

γ
− 1

)
> 0.

Thus no fixed point lies on the upper perimeter of the interval [(1−β), γ]. By the dual
formulation of Theorem 1 of [31], it follows that the wealth-consumption recursion
has a unique solution in K(1) for r ∈ (0, 1) and s > r.

Another equivalent transformation is used by Borovička and Stachurski [10, Sec-
tion II]. Setting θt = (Ut/Ct)s yields

θt =
[
(1 − β) + β (Et [θt+1e

sgt+1 ])r/s
]s/r

,

which can be treated in the same way as the formulations above.

If now we consider the unit-EIS case, the Epstein–Zin recursion becomes

Ut = C1−β
t

(
EtU

s
t+1

)β/s
.

Defining vt = s log (Ut/Ct), we have the formulation that, under a convenient restric-
tion, is carefully studied by Christensen [14]:

vt = β logEt [exp (vt+1 + sgt+1)] (21)

as discussed further ahead.

4 Application to macroeconomics
We now specialize the abstract framework developed above to standard macro-finance
environments in which recursive utility is commonly applied. We begin with a gen-
eral Markov specification and then consider four applications. These examples show
how the general existence and uniqueness conditions translate into explicit parameter
restrictions.

So far, we have formulated intertemporal stochastic models in terms of an abstract
probability space (Ω,Σ,P) with information given by an increasing filtration (Σt)t∈T .
In the following models the uncertainty is represented by a Markov process. It is thus
convenient to provide a brief account of the notation adopted in such a setting6.

6An excellent description of the present subject can be found in [38]. For a more complete
mathematical analysis we refer to [34, Ch. V].
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Let X be a Borel set of a Polish space and set Ω = X ∞. The elements of X ∞

are denoted by ω ≡ ξ∞ = (ξt)t≥0. Denote by πt (ω) = ξt the canonical projections
for t ≥ 0 and endow X ∞ with the canonical filtration (Σt)t∈T where Σt is the least
σ-algebra generated by the projections (πs)0≤s≤t. The time t-history is given by
ξt = (ξ0, ξ1, ..., ξt). Therefore an adapted Markov process X is a function X (ω, t) ≡
Xt (ξ∞) ≡ X (ξt) for t ∈ T .

The probability P over Σ is generated by an initial distribution π0 on X and the
stationary transition kernel Q (ξ, A) with the interpretation:

Q(ξt, A) = P {ξt+1 ∈ A | ξt }

for A ∈ B(X ). In this setting, the recursive utility (2) can be written as

U
(
ξt
)

=
[
(1 − β)Cr

(
ξt
)

+ β
(
Mt(U

(
ξt, ·

)
)
)r]1/r

for all t ≥ 0 and ξt+1 ∈ X t+1. The associated operator T is

(TX)
(
ξt
)

= W
(
C
(
ξt
)
,Mt(X

(
ξt, ·

))
It is convenient in this setting to restrict slightly the functional framework. Unlike
what was postulated in the previous sections, here the measurable functions are func-
tions and not equivalence classes.7 This will be emphasized by using the calligraphic
letters for the spaces involved. For instance, L+ is the cone of the nonnegative, finitely
valued and adapted processes.

The analogue of the space L1 (δ) will be L1 (δ) ⊂ L. A process X belongs to L1 (δ)
if all the functions Xt are integrable, i.e., if

∥Xt∥ =
∫ ∣∣∣X (

ξt
)∣∣∣ dP < ∞

and
∥X∥ =

∑
t∈T

∥Xt∥ δt < ∞

Endowed with the point-wise order, the space L1 (δ) is Dedekind σ-complete and
its positive cone is regular. This suffices to apply the results of existence and unique-
ness stated in the previous section. Note, incidentally, that L1 (δ) is not Dedekind
complete.

7As a matter of fact, we can also use here the space of classes of functions L1 (δ). But for some
later constructions (for instance, the function h and the operator A) we should require the existence
of a stationary distribution for the underlying Markov process.
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4.1 Epstein–Zin certainty equivalent
Let us formulate the Epstein–Zin preferences, already introduced in subsection 3.6,
in a Markovian setting.

The state of the economy is given by pairs ξt = (zt, yt) with zt ∈ Z and yt ∈ Y ,
where Z and Y are Borel sets of Polish spaces, equipped with their Borel σ-algebras
B (Z) and B (Y) respectively. The variable z represents the exogenous state of the
system, while y is the shock due to the technological innovation.

Assume that the process ξt is Markov and that the innovation sequence (yt)t≥1
is i.i.d. with law ν, independent of (zt)t≥0. Therefore, the probability P over Σ is
generated by the stationary transition kernel

Q̃ (ξ, A×B) = Q(z, A) × ν (B)

with the following interpretation: given ξt = (zt, yt),

Q(zt, A) × ν (B) = P {ξt+1 ∈ A×B} = P {zt+1 ∈ A} × ν (B)

for every A ∈ B(Z) and B ∈ B(Y).
Assume that consumption growth is given by the following specification (see

Hansen and Scheinkman [21] and Borovička and Stachurski [10])

gt+1 := log Ct+1

Ct

= κ(zt, zt+1, yt+1), t ≥ 0, (22)

where κ : Z × Z × Y → R is Borel measurable. Given ξ = (z, y) and ξ′ = (z′, y′), we
write κ(ξ, ξ′) for κ(z, z′, y′).

The Kreps–Porteus certainty equivalent will be

Mt

(
X(ξt, ξt+1)

)
:=
(
EQ
[
Xs(ξt, ξt+1) | ξt

])1/s

=
[∫

Z

∫
Y
Xs(ξt, z′, y′) ν(dy′)Q(zt, dz

′)
]1/s

.
(23)

Given a consumption process C ∈ L++, the operator T ≡ TC is

(T (X))t = W (Ct,Mt (Xt+1))

for all t ∈ T and all infinite histories ξ∞ = (ξ0, ξ1, ....) , whenever M (X) ∈ L+. The
Epstein–Zin recursive utility is a fixed point U of T, i.e., U = (Ut)t∈T solves

U
(
ξt
)

=
[
(1 − β)Cr

(
ξt
)

+ β
[∫

Z

∫
Y
U s(ξt, z′, y′) ν(dy′)Q(zt, dz

′)
]r/s

]1/r

for all t ∈ T and all ξ∞.
Before proceeding in the analysis, let us introduce a more general class of certainty

equivalents.
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4.2 Positively homogeneous and stationary certainty equiv-
alents

In the Epstein–Zin case, the certainty equivalents are positively homogeneous, i.e.,
Mt(λXt+1) = λMt(Xt+1) for all scalars λ > 0. In fact, the following stronger prop-
erty, which we call conditional positive homogeneity, holds. That is,

Mt(λtXt+1) = λtMt(Xt+1) ∀t ∈ T,

for every admissible X ∈ L++ and every strictly positive Σt-measurable function λt.

Another property exhibited by the above certainty equivalents is stationarity. The
certainty equivalent M is called stationary Markov if for every admissible nonnegative
Borel function F : X × X −→ R+ and for every s, t ≥ 0, we have

πt(ξ∞) = πs(ξ̃∞) =⇒ Mt (F (ξt, ·)) = Ms

(
F (ξ̃s, ·)

)
Thus, the evaluation of a one-period Markov payoff depends on neither the calendar
date nor the preceding history once the current state is fixed.

Under these two additional assumptions, together with the growth condition (22),
a particularly important result can be formulated.

To see this, observe that if log (Ct+1/Ct) = κ(ξt, ξt+1), then there exists a function
h : X → R ∪ {+∞} such that

Mt(Ct+1) = Cth(ξt). (24)

Indeed, conditional positive homogeneity gives

Mt(Ct+1) = CtMt

(
eκ(ξt,·)

)
,

while stationarity implies that Mt

(
eκ(ξ,·)

)
depends on the current state ξ but not on

calendar time. Hence, defining

h(ξ) := Mt

(
eκ(ξ,·)

)
,

yields (24).
For instance, in the Epstein–Zin case the function h is given by

h(z) :=
{∫

Z

[∫
Y
esκ(z,z′,y′) ν(dy′)

]
Q(z, dz′)

}1/s

. (25)

Consequently, using (24) we have

M(C) ∈ L+ ⇐⇒ h(z) < ∞ for every z ∈ Z. (26)

Suppose now that C ∈ L1
++(δ) for some δ > 0, that (26) holds, and s ∈ (−∞, 0) ∪

(0, 1]. Since the Epstein–Zin certainty equivalent is order concave, Propositions 4 and
6 imply uniqueness of recursive utility in K(C) under the following conditions:
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• for r < 0:
inf
z∈Z

h(z) > β1/|r|.

• for r ∈ (0, 1):
sup
z∈Z

h(z) < β−1/r and inf
z∈Z

h(z) > 0.

Notice that the condition infz∈Z h(z) > 0 is the “Markovian” translation of the
condition M(C)/C ≫ 0 postulated in Proposition 6.

The two properties of homogeneity and stationarity give rise to another significant
property regarding the structure of the fixed points.

We have seen that the utilities Ut in the Epstein–Zin equation (19) admit a mul-
tiplicative representation Ut = utCt where ut solves (20). This representation turns
out to be true in general under the assumptions of conditional homogeneity and
stationarity of the operator M. In fact, from the equation

U
(
ξt
)

= W
(
C
(
ξt
)
,Mt

(
U
(
ξt, ·

)))
it follows

U (ξt)
C (ξt) = W

(
1,Mt

(
U (ξt, ·)
C (ξt)

))
= W

(
1,Mt

(
U (ξt, ·)
C (ξt, ·)e

κ(ξt,·)
))

Consequently, the substitution U (ξt) = u (ξt)C (ξt) leads to the recursive equation

u
(
ξt
)

= Γr

(
Mt

(
u
(
ξt, ·

)
eκ(ξt,·)

))
(27)

Γr (t) = ((1 − β) + βtr)1/r

We conjecture that, by virtue of the Markovian structure, the utility U takes the
separable form

U
(
ξt
)

= φ (ξt)C
(
ξt
)

(28)

Namely, u (ξt) = φ (ξt) for a certain function φ : X → R. Said differently, in view of
(27), φ solves

φ (ξt) = Γr

(
Mt

(
φ (·) eκ(ξt,·)

))
(29)

To check this guess, let us introduce the space B (X ,B(X )) of the bounded mea-
surable functions defined on X . Equipped with the supnorm ∥φ∥ = supX |φ (ξ)|, this
space is a Dedekind σ-complete Banach lattice.

For the sake of simplicity, set

Mt

(
eκ(ξt,·)φ(·)

)
= (Hφ)(ξt).

Notice that H1 = h.
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In light of equation (29), define the operator

A : B+ (X ,B(X )) → B+ (X ,B(X ))

by
(Aφ)(ξ) = Γr (Hφ(ξ))

where
Γr (t) = ((1 − β) + βtr)1/r

In other words, we assume that Hφ depends only on z for every admissible φ, and
identify A with its restriction to functions of z. For instance, in the Epstein–Zin case,
the operator A takes the explicit form

(Aφ)(z) =
{

(1 − β) + β
[∫

Z

∫
Y
esκ(z,z′,y′)φ(z′)s ν(dy′)Q(z, dz′)

]r/s
}1/r

.

Below we list the main properties of Γ and A that can be easily checked.

• Γ is increasing for all r ∈ R and concave for all r ≤ 1

• A is concave and increasing, provided M is concave and increasing

• A is σ-order continuous, if M is σ-order continuous

• If r ∈ (0, 1), then Aφ ≥ (1 − β)1/r for all φ ≥ 0. If r < 0, then 0 ≤ Aφ ≤
(1 − β)1/r.

The next fixed-point result holds under assumptions (i)–(iii), together with con-
ditional homogeneity and stationarity. It follows directly from the properties listed
above and the existence and uniqueness arguments of Section 3.

Proposition 15. Let C ∈ L1
++(δ) for some δ > 0. Under assumptions (i)–(iii),

conditional homogeneity and stationarity:

1. for 0 < r < 1, set h := supz∈Z h(z). Under the condition

h < β−1/r, (30)

A maps the interval [(1 −β)1/r, b] into itself and has a least and a greatest fixed
point there, for every

b ≥ b :=
(

1 − β

1 − βh
r

)1/r

,

In addition, if M is order concave, then the fixed point is unique in B++(X ,B(X )).
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2. for r < 0, set h := infz∈Z h(z) and suppose h(z) < ∞ for every z ∈ Z. Under

h > β1/|r|,

A maps [b, (1 −β)1/r] into itself and has a least and a greatest fixed point there,
for every

0 < b ≤ b :=
(

1 − β

1 − βh r

)1/r

,

If M is order concave, the fixed point is unique in K(1).

Unlike the uniqueness result for T in Section 3, uniqueness of the fixed point of
A does not require the condition infz∈Z h(z) > 0. Thus, even when infz∈Z h(z) = 0,
A may have a unique fixed point while T may admit multiple fixed points. Hence,
with non-unit EIS, separability provides a natural selection criterion: the separable
recursive utility is unique in K(C) even when recursive utility more generally need
not be.

Remark. Let us outline an alternative route to handle the operator A. Suppose,
for simplicity, that r ∈ (0, 1) and A is concave. The lower bound Aφ ≥ (1 − β)1/r

implies that

A (αφ) = A (αφ+ α0) ≥ αA (φ) + αA (0) ≥ αA (φ) + α(1 − β)1/r

The property A (αφ) ≥ αA (φ)+αk, for every α ∈ (0, 1) and for some k > 0, is called
k-subconcavity (at 0); see [31]. This in turn implies that the self-map A : [0, b] → [0, b]
for any given b ≥ b is p-subhomogeneous for some p ∈ (0, 1); see Definition 7 and [31,
Proposition 6]. Namely,

A (αφ) ≥ αpA (φ) for α ∈ (0, 1)

If we introduce the Thompson distance dT (see [39] and [31]) in the cone K (1), the map
A : [0, b] → [0, b] turns out to be a p-contraction, i.e. dT (Aφ1,Aφ2) ≤ pdT (φ1, φ2) .
One can then deduce the existence of a unique fixed point for the map A and also
the convergence of the iterates in the norm ∥·∥ .

Proposition 15 shows that our conjecture about the multiplicative relation (28) is
true. This is formalized in the next proposition, whose trivial proof is omitted.

Proposition 16. Let 0 ̸= r < 1, C ∈ L1
++ (δ) and φ be a fixed point of A. Then the

process U ∈ L1
++ (δ) defined by Ut = φ (zt)Ct for every t ≥ 0 is a fixed point of T.

Notice that the previous result does not require the fixed point φ = Aφ to belong
to K(1), nor does it require M to be concave, for Ut = φ(zt)Ct to be a fixed point of
T. Clearly, U ∈ K(C) if and only if φ ∈ K(1).
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4.3 Cobb–Douglas aggregator
Finally, let us discuss the case of the Cobb–Douglas aggregator in the Markov setting.
It is now convenient to assume α + β = 1 ⇐⇒ p = 1. We add the hypotheses of
conditional positive homogeneity and stationarity.

In view of Proposition 9, if α + β = 1 then there is a unique solution in K (C),
provided C ∈ L1

++ (δ) and h ∈ K (1) where h : Z → R is given by h(ξt) = Mt

(
eκ(ξt,·)

)
.

As we did earlier for the CES aggregator, we associate with T an operator A. In
fact, if the recursive utility U is a solution to

U
(
ξt
)

= Cα
(
ξt
) [

Mt

(
U
(
ξt, ·

))]β
(31)

the substitution u (ξt) = U (ξt) /C (ξt) yields the recursion

u
(
ξt
)

= Mβ
t

[
u
(
ξt, ·

)
eκ(ξt,·)

]
Hence the operator A will take the form

Aφ = Mβ
t

[
φ (·) eκ(ξt,·)

]
For instance, in the Epstein–Zin case it is

(Aφ)(z) =
(∫

Z

∫
Y
esκ(z,z′,y′)φ(z′)s ν(dy′)Q(z, dz′)

)β/s

.

Clearly the operator A turns out to be β-subhomogeneous. Existence and uniqueness
are then assured in the cone K(1), provided ε ≤ h (z) ≤ M for all z ∈ Z.

In the Epstein–Zin case we have seen (eq. 21 of Section 3.6) the alternative use
of the transformation v (ξt) = s log (U (ξt) /C (ξt)) that gives the recursion

v
(
ξt
)

= β logEQ
[
exp

(
v
(
ξt, ξt+1

)
+ sκ (ξt, ξt+1)

) ∣∣∣ξt
]

(32)

Looking for the solutions of the kind v (ξt) ≡ φ (ξt), we get the recursive equation

φ (ξ) = β logEQ [exp (φ (ξt+1) + sκ (ξt, ξt+1)) |ξt = ξ ] (33)

extensively studied by Christensen [14].
To clarify the deep difference between (32) and (33), suppose that U ∈ K (C) is a

solution to (31). Hence
U
(
ξt
)

= C
(
ξt
)
φ (ξt)

for some φ ∈ K (1) . As discussed in subsection 3.3 the utility U generates a family
of utilities V (ξt) = λβ−t

C (ξt)φ (ξt), with λ ∈ (0, 1] . Under the change of variables
v (ξt) = s log (V (ξt) /C (ξt)) we obtain the family of solutions to the recursion (32):

v
(
ξt
)

= sβ−t log λ+ s logφ (ξt)
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while the unique bounded measurable solution to (33) is given by φ (ξ) = s logφ (ξ).

Observe that the condition h ∈ K(1), which guarantees existence and uniqueness
in K(C), may fail even though fixed points exist in other cones. Section 4.6 provides
an economically relevant example of this phenomenon. Moreover, Section 4.7 estab-
lishes multiplicity of separable recursive utilities for the constant-volatility Case I
consumption specification of Bansal and Yaron [5] when the EIS is set to one.

4.4 Mehra–Prescott model
We begin by illustrating our results with the simplest finite-state member of the
general Markov family described in the previous section (see Mehra and Prescott
[33]). The state space is the finite set Z = {1, . . . ,m} and the Markov chain is
generated by the stochastic matrix Π = (πij)m

i,j=1. The initial distribution is the
m-dimensional row vector π0 = (π1

0, π
2
0, ..., π

m
0 ) and

Q(i, {j}) = πij.

For each i ∈ {1, . . . ,m}, let ℓi > 0 denote the gross consumption growth associated
with state i. The consumption growth depends only on the next state. Namely,
Ct+1 = ℓit+1Ct and

gt+1 = κ(it, it+1) = log ℓit+1 .

Thus the Mehra–Prescott economy is exactly the general Markov model with a finite
state space and no auxiliary innovation.

Here, we consider the Epstein–Zin certainty equivalent (23). Therefore, in this
case the function h : Z → R in (25) is given by

h(i) =
 m∑

j=1
πijℓ

s
j

1/s

, i ∈ Z.

Let D := diag(ℓ1, . . . , ℓm), and let 1 = (1, 1, . . . , 1) be the m-dimensional row vector
of ones. Tedious algebra leads to the moment condition

E[Ct] = C0
〈
π0(ΠD)t,1

〉
∀t ≥ 0.

Hence
C ∈ L1

++ (δ) ⇐⇒
∑
t≥0

δt
〈
π0(ΠD)t,1

〉
< ∞.

If ρ (A) denotes the spectral radius of a matrix A, then the condition δρ(ΠD) < 1
suffices to get C ∈ L1

++ (δ).
Thus, under the assumption δρ(ΠD) < 1, we obtain the following conditions for

existence, uniqueness, and non-existence. If 0 < r < 1, then

max
i
h(i) < β−1/r
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implies existence, uniqueness, and global attractivity, whereas mini h(i) ≥ β−1/r im-
plies that there is no fixed point in L+. If r < 0, then

min
i
h(i) > β1/|r|

implies existence, uniqueness, and global attractivity, whereas maxi h(i) ≤ β1/|r| im-
plies that there is no fixed point in L++.

We deduce from Proposition 16 that the recursive utility has the separable form
Ut = φ(it)Ct, where the vector φ = (φ1, . . . , φm) is the unique solution to the system
of non-linear equations

φi =

(1 − β) + β

 m∑
j=1

πijℓ
s
jφ

s
j

r/s


1/r

, i = 1, . . . ,m.

For instance, in the calibration used by Weil [41] for the Mehra–Prescott model, there
are two states, m = 2, with gross consumption growth ℓ1 = 1.054, ℓ2 = 0.984 and
transition matrix

Π =
(

0.43 0.57
0.57 0.43

)
, π0 =

(
1/2 1/2

)
.

We use Weil’s calibration with β = 0.95 and consider EIS ∈ [0.1, 1) ∪ (1,∞) and
RRA ∈ (0, 1) ∪ (1, 10], corresponding to r, s ∈ [−9, 0) ∪ (0, 1). Over this parameter
range,

1.008 ≤ h(i) ≤ 1.024, i = 1, 2.

Moreover, β1/|r| ≤ 0.951/9 ≃ 0.9943 for r < 0, while β−1/r > 0.95−1 ≃ 1.053 for
r > 0. Hence the relevant existence and uniqueness conditions are satisfied for every
r, s ∈ [−9, 0) ∪ (0, 1), and there is a unique recursive utility U ∈ K(C) throughout
this parameter range.

To illustrate what parameters would lead to non-existence, assume that s = −9.
In the high-EIS case, a common 5% increase in the two growth rates, from (ℓ1, ℓ2) =
(1.054, 0.984) to (1.1067, 1.0332), gives mini h(i) ≃ 1.059. Hence the non-existence
condition holds whenever mini h(i) ≥ 0.95−1/r, that is, for

0.8964 ≃ − log(0.95)
log(mini h(i)) ≤ r < 1.

In the low-EIS case, a common 3% reduction, from (1.054, 0.984) to (1.02238, 0.95448),
gives maxi h(i) ≃ 0.9874. Hence the low-EIS non-existence condition holds whenever
maxi h(i) ≤ 0.951/|r|, that is, for −9 ≤ r ≤ − log(0.95)

log(maxi h(i)) ≃ −4.041, over the parame-
ter range of interest.
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Finally, the unique fixed point can be found by solving the system of equations

φ1 =
[
0.05 + 0.95 (0.43(1.054φ1)s + 0.57(0.984φ2)s)r/s

]1/r
,

φ2 =
[
0.05 + 0.95 (0.57(1.054φ1)s + 0.43(0.984φ2)s)r/s

]1/r
.

For example, when r = −1 and s = −9, corresponding to RRA = 10 and EIS = 1/2,
the unique solution is

φ1 ≃ 1.263, φ2 ≃ 1.273,
so that

Ut ≃

1.263Ct, if it = 1,
1.273Ct, if it = 2.

To be clear, here and below, the approximation sign refers only to the reported
numerical values of the coefficients.

4.5 Hidden-regime consumption growth
We now specialize the general Markov consumption-growth model of Section 4.1 to
a two-state hidden-regime learning economy. Models of this kind are widely used
in macro-finance because they provide a parsimonious way to represent persistent
changes in expected growth and macroeconomic risk. Here we focus on the model
considered by Ju and Miao [23] (see also Lettau, Ludvigson and Wachter [28]). For
this model, Christensen [14] establishes existence and uniqueness with unit EIS, while
Pohl et al. [36] establish existence with non-unit EIS; uniqueness in the latter case
had remained unresolved.

Consumption growth is determined by a regime that is not observed by the agent.
If the economy is in regime i ∈ {1, 2}, then consumption growth is given by

gt+1 = log Ct+1

Ct

= ḡi + σεt+1, εt+1 ∼ N(0, 1), i = 1, 2,

where ḡ1 > ḡ2 and σ > 0. Thus, 1 is the high-growth regime, while regime 2 is the
low-growth regime. Here, the shocks (εt) are i.i.d., normal and independent of the
regime process. The regime process follows a Markov chain with transition matrix

Λ =
(
λ11 1 − λ11
λ21 1 − λ21

)
,

where λ11 is the probability of remaining in regime 1 and λ21 is the probability of
moving from regime 2 to regime 1; see equation (13) in [23]. Observe that Ct has
unbounded support for every t ≥ 1.

Because the agent observes consumption growth but not the underlying regime,
the relevant state variable is the agent’s belief µt that the next-period regime is the
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high-growth regime. In particular, the hidden-regime model of Ju and Miao [23] can
be recast into our framework as a Markov economy with state µt, as we formally show
in Supplemental Appendix S.2. In the following, we work directly with our Markov
formulation.

In particular, we can take the state space to be Z = [λ21, λ11] := K and, for every
µ′ ∈ (λ21, λ11), the function κ in (22) is given by

κ(µ, µ′) := ḡ1 + ḡ2

2 + σ2

ḡ1 − ḡ2

[
log µ

′ − λ21

λ11 − µ′ − log µ

1 − µ

]
. (34)

For i = 1, 2, let fi denote the density of N(ḡi, σ
2), and define

J(µ, µ′) := σ2(λ11 − λ21)
(ḡ1 − ḡ2)(µ′ − λ21)(λ11 − µ′) .

For every Borel set A ⊆ K, define Q by

Q(µ,A) =
∫

A
fµ

(
κ(µ, µ′)

)
J(µ, µ′) dµ′,

where
fµ(g) := µf1(g) + (1 − µ)f2(g).

For i = 1, 2, define the regime-i conditional kernel by

Qi(µ, dµ′) :=
fi

(
κ(µ, µ′)

)
fµ

(
κ(µ, µ′)

)Q(µ, dµ′).

Thus, Qi(µ, ·) is the conditional distribution of µt+1 given that µt = µ and that the
economy is in regime i in period t+ 1.

Finally, as we show in the Supplemental Appendix S.2, a sufficient condition for
C ∈ L1

++(δ) is
δ exp

(1
2σ

2
) [
λ11e

ḡ1 + (1 − λ11)eḡ2
]
< 1. (35)

We are going to study the recursive utility in this model under three distinct pref-
erence specifications: smooth ambiguity, Hansen–Sargent robust control, and multiple
priors. We focus on the calibration considered by Ju and Miao [23].

Smooth ambiguity and preferences. Smooth ambiguity is a popular model of
ambiguity (e.g., see [25, 26, 22]). We follow the specification in Ju and Miao [23,
eq. (8)]. For i = 1, 2, define the certainty equivalent conditional on regime i by

Mi
t(Ct+1) =

[∫
K

(
Cte

κ(µ,µ′)
)s
Qi(µ, dµ′)

]1/s

.
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The smooth-ambiguity certainty equivalent is then

Mt(Ct+1) =
{
µt

[
M1

t (Ct+1)
]η

+ (1 − µt)
[
M2

t (Ct+1)
]η}1/η

.

Thus, the evaluation proceeds in two stages. First, risk is evaluated conditional on
each possible regime, with RRA = 1 − s reflecting risk aversion. These regime-
specific certainty equivalents are then combined using the current probabilities µt

and 1 − µt, with 1 − η reflecting the sensitivity to ambiguity about which regime
will prevail. In particular, the case η = s reduces to the Epstein–Zin certainty
equivalent. It is immediate to verify that the smooth-ambiguity certainty equivalent
is monotone, positively homogeneous, stationary Markov, σ-order continuous, and
when 0 ̸= η, s ≤ 1 it is also order concave.

For this certainty equivalent (see Appendix S.2.1) the function h : K → R can be
computed in closed form and is given by

h(µ) =
{
µ exp

[
η
(
ḡ1 + 1

2sσ
2
)]

+ (1 − µ) exp
[
η
(
ḡ2 + 1

2sσ
2
)]}1/η

.

The calibration of Ju and Miao [23] is summarized in Table 1. Under this calibra-
tion, the belief support is K = [λ21, λ11] = [0.484, 0.978].

Parameter Value Description
λ11 0.978 Persistence of the high-growth regime
λ22 0.516 Persistence of the low-growth regime
ḡ1 0.02251 Mean growth in the high-growth regime
ḡ2 −0.06785 Mean growth in the low-growth regime
σ 0.03127 Conditional standard deviation of growth
β 0.975 Continuation weight
r (EIS) 1/3 (3/2) CES parameter (EIS)
s (RRA) −1 (2) Risk aversion power (RRA)
η (1 − η) −7.864 (8.864) Ambiguity aversion power (ambiguity aversion)

Table 1: Ju and Miao calibration.

For these parameter values,

exp
(1

2σ
2
) [

0.978eḡ1 + (1 − 0.978)eḡ2
]

≃ 1.021.

Therefore, from (35), we obtain C ∈ L1
++(δ) whenever 0 < δ < 1.021−1 ≃ 0.9794.

Let us verify the existence and uniqueness conditions. The function h is continuous
and strictly positive on the compact set K. Consequently, it is bounded above and
bounded away from zero, so the existence condition also implies the additional lower
bound required for uniqueness. Since r = 1/3 > 0, the relevant existence condition is

h(µ) < β−1/r = 0.975−3 ≃ 1.079 for every µ ∈ K.
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As shown in Supplemental Appendix S.2.1, h is increasing, and hence

h(µ) ≤ h(0.978) ≃ 1.019 < β−1/r,

so that the existence condition is satisfied. Hence the smooth-ambiguity recursion
has a unique globally attractive fixed point in K(C).

The non-existence condition for 0 < r < 1 is

h(µ) ≥ β−1/r ≃ 1.079 for every µ ∈ K.

It can be satisfied with higher mean growth and a less persistent low-growth regime.
For instance, suppose that λ21 = 0.800, and hence λ22 = 0.200, thereby lowering
the probability of remaining in the low-growth regime from 0.516 to 0.200. Raising
both mean log-growth rates from (ḡ1, ḡ2) = (0.02251,−0.06785) to (0.10251, 0.01215)
increases gross growth in each regime by about 8.3%, in which case we obtain

min
µ∈K

h(µ) ≃ 1.081 > β−1/r ≃ 1.079,

implying that with this change in parameters there is no recursive utility in L+.
Finally, by Proposition 16 the unique fixed point in K (C) takes the form

Ut = φ(µt)Ct,

where φ : K → R++ is the unique positive solution of

φ(µ) =

(1 − β) + β

µ(∫
K

(
eκ(µ,µ′)φ(µ′)

)s
Q1(µ, dµ′)

)η/s

+ (1 − µ)
(∫

K

(
eκ(µ,µ′)φ(µ′)

)s
Q2(µ, dµ′)

)η/s
r/η

1/r

,

for every µ ∈ K.

Hansen–Sargent robust-control preferences. Let us study the recursive utility
under Hansen–Sargent robust-control preferences (unit EIS), again under the calibra-
tion of Ju and Miao [23]. Thus, the only change relative to the previous application
is that we set r = 0. The CES aggregator is then replaced by W (x, y) = x1−βyβ and
the recursive utility operator is then

(TX)t = C1−β
t [Mt(Xt+1)]β .

Hence a recursive utility is a fixed point U = TU , or, equivalently by taking loga-
rithms

logUt = (1 − β) logCt + β log Mt(Ut+1).
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This is the unit-EIS recursion associated with Hansen–Sargent robust-control prefer-
ences [19]; see also equation (9) in Ju and Miao [23].

By Proposition 9, first note that as before the condition C ∈ L1
++(δ) holds

whenever δ < 0.9794. Therefore, the condition for existence and uniqueness is
M(C) ∈ K(C). We have that

Mt(Ct+1) = Cth(µt),

and
min

µ
h(µ) ≃ 0.9681, max

µ
h(µ) ≃ 1.019.

Thus, we infer that M(C) ∈ K(C) is true and so existence and uniqueness hold in
K (C) .

Multiple priors. The multiple-priors specification is obtained as the limiting case
of smooth ambiguity when ambiguity aversion becomes infinite. In our parametriza-
tion, this corresponds to η → −∞ (see equation (11) in Ju and Miao [23]). We keep
all the remaining parameters at the values reported in Table 1. Since the consumption
process is unchanged, the sufficient condition for C ∈ L1

++(δ) is unchanged as well.
The multiple-priors certainty equivalent MMP is given by

MMP
t (Ct+1) = min

i∈{1,2}
Mi

t(Ct+1) = min
i∈{1,2}

[∫
K

(
Cte

κ(µt,µt+1)
)s
Qi(µt, dµ

′)
]1/s

The agent therefore evaluates continuation utility under the least favorable regime.
For 0 ̸= s ≤ 1, this operator is monotone, positively homogeneous, stationary Markov,
σ-order continuous, and order concave.

Since ḡ1 > ḡ2, regime 2 is the least favorable regime for next-period consumption.
A direct calculation gives

MMP
t (Ct+1) = Ct min

i∈{1,2}
exp

(
ḡi + 1

2sσ
2
)

= Ct exp
(
ḡ2 + 1

2sσ
2
)

= Cth
MP,

where
hMP := exp

(
ḡ2 + 1

2sσ
2
)
.

The function hMP does not depend on the state variable. As s = −1, β = 0.975 and
r = 1/3, we get

0 < hMP = exp
(

−0.06785 − 1
2(0.03127)2

)
≃ 0.9339 < β−1/r ≃ 1.079.

Hence the sufficient conditions for existence and uniqueness are satisfied, and so there
is a unique globally attractive fixed point in K(C).

31



Finally, consider a common increase d > 0 in the two mean log-growth rates:

(ḡ1, ḡ2) 7−→ (ḡ1 + d, ḡ2 + d).

By Proposition 13, no recursive utility exists in L+ whenever

edhMP ≥ β−1/r ⇐⇒ d ≥ log
(
β−1/r

hMP

)
≃ 0.1443,

which corresponds approximately to a 15.5% increase in both growth rates. Note that,
unlike in the smooth-ambiguity case, this threshold does not depend on the persistence
of the low-growth regime, since hMP is unaffected by the transition probabilities.

4.6 Epstein–Zin with rare disasters
We next examine a rare-disaster economy with persistent disaster intensity studied
by Bidder and Smith [7] (see also Wachter [40]), with the difference that we adopt
Epstein–Zin preferences with a non-unit elasticity of intertemporal substitution. This
example illustrates the distinction between uniqueness of recursive utility, in the gen-
eral setting, and uniqueness within the separable class. With non-unit EIS, our
existence conditions hold while the conditions guaranteeing uniqueness of recursive
utility fail. Nevertheless, our results imply a unique separable recursive utility in
K(C). By contrast, at unit EIS the same environment admits two distinct separable
recursive utilities.

In this model, consumption growth satisfies

log Ct+1

Ct

= νg + νjjt+1 + σj

√
jt+1 ηt+1 + σεt+1,

where jt+1 denotes the number of disasters occurring between times t and t+1, while
ηt+1 and εt+1 are independent standard normal random variables. The parameter
νj < 0 is the average effect of one disaster, and because νj < 0, each additional
disaster lowers expected consumption growth.

In particular, the number of disasters at time t + 1 is distributed according to a
Poisson distribution with parameter Ht, that is, jt+1 | Ht ∼ Poisson (Ht), indepen-
dently of ηt+1 and εt+1. In words, the number of disasters depends on the Poisson
intensity parameter Ht, which is the state variable in this model. We therefore refer
to Ht as disaster intensity.

Observe that if we consider an i.i.d. sequence (ut)t≥0 such that ut+1 ∼ Unif(0, 1)
independent of Ht, and define

J(H, u) := min

j ∈ {0, 1, 2, . . .} :
j∑

n=0
e−HH

n

n! ≥ u

 ,
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then the realized number of disasters can be written as jt+1 = J(Ht, ut+1).8 In this
case the function κ is given by

κ(H,H ′, y) := νg + νjJ(H, u) + σj

√
J(H, u) εz + σεg,

for every y = (u, εz, εg) ∈ Y := (0, 1) × R × R.
In particular, the disaster intensity Ht follows a first-order autoregressive gamma

process (see Gouriéroux and Jasiak [17, eq. (2.1) and Definition 1]). Therefore, the
density of the transition kernel Q is

q(H,H ′) = e−ϕH/c
∞∑

n=0

(ϕH/c)n

n!
(H ′)dH+n−1e−H′/c

cdH+nΓ(dH + n) , H,H ′ ∈ R+, (36)

where dH > 0, c > 0, 0 ≤ ϕ < 1, and Γ(·) denotes Euler’s gamma function. Supple-
mental Appendix S.3 verifies that

E [Ht+1 | Ht = H] = cdH + ϕH.

Notice that the parameter ϕ determines the persistence of disaster intensity.
As mentioned, we use the Epstein–Zin certainty equivalent

Mt(Xt+1) =
(
E[Xs

t+1 | Ht]
)1/s

.

Consequently the function h : R+ → R satisfies

h(H) := Mt(Ct+1)
Ct

= (E [esgt+1 | Ht = H])1/s . (37)

As shown in Supplemental Appendix S.3,

h(H) = Bse
AsH ,

where

Bs = exp
(
νg + 1

2sσ
2
)
, As =

exp
(
sνj + 1

2s
2σ2

j

)
− 1

s
.

In the calibration considered below, As < 0, so h(H) decreases with H: states with
greater disaster risk have lower “expected” growth.

Supplemental Appendix S.3 also shows that a sufficient condition for C ∈ L1
++(δ)

is
νj + 1

2σ
2
j ≤ 0 and 0 < δ < min

{
1, exp

(
−νg − 1

2σ
2
)}

.

We now verify the existence and uniqueness conditions under the standard monthly
rare-disaster calibration of Bidder and Smith [7]. The only preference parameter we
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Parameter Value Description
νg 1.50 × 10−3 Mean non-disaster growth component
σ2 3.30 × 10−5 Variance of the Gaussian growth shock
νj −0.30 Mean log effect of one disaster
σj 0.10 Standard deviation of an individual disaster effect
ϕ 0.993 Persistence of disaster intensity
dH 1.788 Shape parameter of the ARG intensity process
c 7.766 × 10−6 Scale parameter of the ARG intensity process
β 0.9992 Continuation weight
r (EIS) 9/19 (19/10) CES parameter (EIS)
s (RRA) −2.78 (3.78) Risk aversion power (RRA)

Table 2: Rare-disaster calibration, with economic counterparts in parentheses.

change is the EIS, which we set equal to 1.9 (equivalently r = 9/19). The parameter
values are reported in Table 2.

For these parameters,
νj + 1

2σ
2
j = −0.295 < 0,

so that C ∈ L1
++(δ) for every 0 < δ < min

{
1, e−νg− 1

2 σ2
}

≃ 0.9985. Moreover,

Bs = exp
(
νg + 1

2sσ
2
)

≃ 1.00146, As ≃ −0.5012 < 0.

As r = 9/19 ∈ (0, 1), the relevant existence condition is

sup
H≥0

h(H) < β−1/r.

Since As < 0, the function h is decreasing and its supremum is attained at H = 0.
Therefore,

sup
H≥0

h(H) = h(0) = Bs ≃ 1.00146 < β−1/r = 0.9992−19/9 ≃ 1.00169.

Thus, the existence condition guarantees at least one recursive utility in K(C).
The uniqueness condition of Proposition 6, however, fails. Since As < 0, it follows

that limH↑∞ h(H) = 0 and hence

inf
H≥0

h(H) = inf M(C)
C

= 0.

8To see this, fix Ht ≥ 0 and let FHt(j) :=
∑j

n=0 e−HtHt
n/n! be the cumulative distribution

function of a Poisson(Ht) random variable. By the definition of J , the event {J(Ht, ut+1) ≤ j} is
equivalent to {ut+1 ≤ FHt

(j)}. Hence, if ut+1 ∼ Unif(0, 1), then P(J(Ht, ut+1) ≤ j) = FHt
(j), so

J(Ht, ut+1) ∼ Poisson(Ht). Thus, we can write jt+1 = J(Ht, ut+1).
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Economically, the state space contains arbitrarily adverse states: as H increases,
the expected number of disasters becomes arbitrarily large and certainty-equivalent
consumption growth approaches zero. Thus, recursive utility exists, but we are not
able to claim that there is a unique recursive utility U ∈ K(C) satisfying TU = U .

However, since all the assumptions of Proposition 15 hold, we are able to claim
that the operator A defined by

(Aφ)(H) =

(1 − β) + β

[
h(H)s

∫
R+
φs(H ′)Q(H, dH ′)

]r/s


1/r

,

has a unique fixed point, and therefore there is a unique separable recursive utility.
Formally, if φ ∈ K(1) is the unique fixed point of A, then by Proposition 16 the
process defined by Ut = φ(Ht)Ct ∈ K(C) is a recursive utility.

Comparison with the unit-EIS case. It is useful to contrast this uniqueness
result with the limit case r = 0. Since h(H) → 0 as H → ∞, we have that h /∈ K(1)
and consequently Mt (Ct+1) = htCt /∈ K(C). Proposition 9 implies that no fixed point
belongs to K(C). Nevertheless, Proposition 11 allows us to identify other admissible
recursive utilities. As shown in Appendix S.3, under the calibration of Table 2,
equation (15) admits the two solutions

Z
(1)
t ≃ Cte

−83.39Ht , Z
(2)
t ≃ Cte

−278.1Ht .

For both solutions, substitution into (15) yields a constant B(i)
t ≡ B̄i ∈ K(1), so that,

thanks to (16), we obtain the unique fixed point in each K(Z(i)), given by

U
(1)
t ≃ Cte

0.3686−83.39Ht , U
(2)
t ≃ Cte

−3.022−278.1Ht .

These coincide with the two affine solutions found by Christensen [14, Proposition 2.2].
Observe that K(Z(1)) ∩ K(Z(2)) = ∅. Thus, surprisingly, with non-unit EIS there is
a unique separable recursive utility in K(C), whereas for unit EIS two separable
recursive utilities exist in distinct cones.

4.7 Long-run risk and multiplicity at unit EIS
Finally, we apply the results of Sections 3.3 and 4.3 to establish multiplicity of sep-
arable recursive utilities under the constant-volatility specification of Bansal and
Yaron [5]. The proofs are provided in the Supplemental Appendix S.4. Consider
the consumption-growth model

log Ct+1

Ct

= a+Xt + σtYt+1 and Xt+1 = ρXt + χσtε
x
t+1, (38)

where |ρ| < 1, χ > 0, and (σt) is a time-homogeneous Markov process taking values
in (0,∞). Here, the sequences (εx

t ) and (Yt) are each i.i.d., mutually independent,
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and independent of (σt) as well. We assume that εx
1 has full support on R, so that Xt

has full support on R for every t ≥ 1.
Set r = 0, α + β = 1 and take the Epstein–Zin certainty equivalent with s < 0.

Suppose that E[esσY1 ] < ∞ holds for every σ > 0. Under these assumptions the
function h is given by

h(x, σ) = ea+x
(
E[esσY1 ]

)1/s
.

Since h(x, σ) → ∞ as x → ∞, it follows that h is unbounded above. Consequently
the condition h ∈ K(1) of Section 4.3 fails. Whenever C ∈ L1

++(δ), Proposition 9
therefore rules out fixed points in the cone K(C).

Using Proposition 11, we find two separable recursive utilities for the constant-
volatility specification of Bansal and Yaron [5]. Formally, let σt := σ̄ > 0, 0 < ρ < 1,
and εx

t , Yt ∼ N(0, 1). The two separable recursive utilities are

U
(i)
t = Ct exp

(
Ai + qiX

2
t + biXt

s

)
, i = 0, 1,

where q0 = 0 and q1 > 0. For the Bansal–Yaron calibration,

β = 0.998, ρ = 0.979, a = 0.0015, σ̄ = 0.0078, χ = 0.044, s = −9 (39)

the separable recursive utilities turn out to be

U
(0)
t ≃ Ct exp(0.1121 + 43.47Xt),

U
(1)
t ≃ Ct exp

(
−1.219 − 46.53Xt − (2.051 × 104)X2

t

)
.

Relative to consumption, the higher utility is log-linear in the state variable, while
the lower one is log-quadratic. The existence of a log-linear solution at unit EIS is
known (see, e.g., [36]), but our results also identify a second, log-quadratic solution.

Observe that long-run risk models typically assume that the EIS is greater than
one (i.e., r > 0). In that case, using Proposition 14, the unboundedness of h also
rules out a recursive utility in K(C). We do not expatiate further on this point.

5 Concluding remarks
Uniqueness of recursive utility is a question of central importance, since without it a
given set of preference parameters (such as risk aversion, the discount factor, and the
elasticity of intertemporal substitution) need not pin down a unique utility, and may
therefore imply indeterminate welfare or asset-pricing predictions.

The multiplicity that can arise here resembles a familiar feature of forward-looking
equations in economics. For example, in standard monetary models, a weak policy
response to inflation can allow multiple self-fulfilling paths for inflation. A similar
issue arises here because current utility depends on continuation utility. When the
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state variable is persistent, very good or very bad states can last far into the future.
Different levels of continuation utility in those distant states can then feed back into
utility today, allowing different utility processes to satisfy the same forward-looking
equation.

In Markov environments, we have identified a key distinction between unit and
non-unit EIS: multiplicity can arise with unit EIS, whereas with non-unit EIS we
have established uniqueness within the class of separable recursive utilities. In the
long-run-risk model of Bansal and Yaron [5], the state variable ranges over the entire
real line, so the bounds required by our unit-EIS uniqueness condition fail. For the
constant-volatility specification with unit EIS, we establish multiplicity. Whether
such a multiplicity may also arise in this model with non-unit EIS remains an open
question.

A Appendix

A.1 Proofs
A.1.1 Proof of Lemma 2

We have seen that K (C) ⊂ L++. Since

εM (C) ≤ M (εC) ≤ M (C)

for 0 < ε < 1, it follows that M (εC) ∈ L+ and so T (εC) = W (C,M (εC)) is well
defined.

As M is subhomogeneous, we can write

T (εC)
εC

= W (C,M (εC))
εC

≥ W (C, εM (C))
εC

Moreover, W is positively homogeneous, so

T (εC)
εC

≥ W

(
1
ε
,
M (C)
C

)

Therefore, if we prove that

W

(
1
ε
,
M (C)
C

)
≫ 1 (40)

we have the desired result. On the other hand,

W

(
1
ε
,
M (C)
C

)
=
[
(1 − β)ε|r| + β

(
M (C)
C

)r]1/r
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Since 1/r < 0, (40) is equivalent to

(1 − β)ε|r| + β

(
M (C)
C

)r

≪ 1.

After some algebra, we easily obtain the equivalent condition

M(C)
C

≫
(

1 − (1 − β)ε|r|

β

)1/r

(41)

Observe that (
1 − (1 − β)ε|r|

β

)1/r

↓ β
1

|r| as ε ↓ 0 (42)

From (b) it follows
M (C)
C

≥ β
1

|r| + η

for some η > 0, and from (42) we have(
1 − (1 − β)ε|r|

β

)1/r

≤ β
1

|r| + η/2

for ε > 0 small enough. At last we get

M (C)
C

≥ β
1

|r| + η/2 + η/2 ≥
(

1 − (1 − β)ε|r|

β

)1/r

+ η/2

which is (41) and so the claim is proved. ■

A.1.2 Proof of Proposition 3

Let X ∈ K (C). Then M(X) ∈ L+ (see (3)). In view of (4) we have T (X) ≤
(1 − β)1/rC. On the other hand, X ≥ εC holds for ε small enough. By Lemma 2 we
infer TX ≥ T (εC) ≥ εC and so we have proved that T (X) ∈ K (C) as well as the
relation (8)

Fix now the scalar ε > 0 for which T maps
[
εC, (1 − β)1/rC

]
into itself, and set

X0 = (1 − β)1/rC. Then X1 = TX0 ≤ X0. As T is monotone, TX1 = T2X0 ≤
TX0 ≤ X0. Recursively, our processes form a decreasing sequence

X0 ≥ · · · ≥ Tn−1X0 ≥ TnX0 ≥ · · · ≥ εC,

which is bounded from below by the element εC ∈ L1
++ (δ) . By the Dedekind σ-

completeness we have the point-wise convergence

TnX0 ↓ U∗ = inf
n

TnX0.
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As T is σ-order continuous, TU∗ = U∗ and U∗ is a fixed point of T belonging to
L1

++ (δ).
Let U ∈ K (C) be any fixed point of T. Since U = TU we have U ≤ (1 − β)1/rC

and, by the monotonicity, U = TnU ≤ Tn
(
(1 − β)1/rC

)
. Therefore, U ≤ U∗ as

n → ∞ and this proves that U∗ is the greatest fixed point.
Observe that by using the increasing sequence

X0 ≤ · · · ≤ Tn−1X0 ≤ TnX0 ≤ ·· ≤ (1 − β)1/rC,

starting at X0 = εC, we deduce, by a similar argument, the existence of a fixed point
U∗ = supn TnX0. The point U∗ is the least fixed point in the interval

[
εC, (1 − β)1/rC

]
.

■

A.1.3 Proof of Proposition 4

Our aim is to invoke Theorem 1 of [31]. Fix a scalar ε for which (6) holds. Let us
prove that no fixed point of T lies on the lower perimeter ∂⋄

[
εC, (1 − β)1/rC

]
.

Suppose by contradiction that there is a fixed point U = TU ∈ ∂⋄
[
εC, (1 − β)1/rC

]
.

Hence U ≥ U∗, where U∗ is the least fixed point of T in the interval
[
εC, (1 − β)1/rC

]
(see the previous proof). Consequently all the elements of the increasing sequence
Tn (εC) ↑ U∗ are contained in the lower perimeter. On the other hand, in view of
(6) and (10), T (εC) /∈ ∂⋄

[
εC, (1 − β)1/rC

]
. This is a contradiction, so Theorem 1

of [31] implies the existence of a unique fixed point in
[
εC, (1 − β)1/rC

]
. Since ε can

be taken arbitrarily small, we deduce the uniqueness of the fixed point in the cone
K (C). ■

A.1.4 Proof of Proposition 6

Let us only show that the relation T
(
(1 − β)1/rC

)
/C ≫ (1 − β)1/r is equivalent to

M (C) /C ≫ 0. By subhomogeneity,

M((1 − β)1/rC) ≥ (1 − β)1/rM(C).

Since M(C)/C ≫ 0, there exists η > 0 such that M(C) ≥ ηC. Hence

M((1 − β)1/rC) ≥ (1 − β)1/rηC.

Therefore,

T
(
(1 − β)1/rC

)
C

=
(1 − β) + β

M
(
(1 − β)1/rC

)
C

r1/r

≥ [(1 − β) + β(1 − β)ηr]1/r

> (1 − β)1/r,
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as desired. The converse is straightforward. The rest of the proof follows the same
lines as the proof of Proposition 4. ■

A.1.5 Proof of Proposition 9

Recall that T is β-subhomogeneous. First, we point out the following equivalence

M(C) ∈ K (Cp) ⇐⇒ T (C) ∈ K (C) (43)

Actually, M(C) ∈ K (Cp) means

λCp ≤ M(C) ≤ µCp with λ, µ > 0

Straightforward algebra gives

λβCα+pβ ≤ T(C) ≤ µβCα+pβ

As α + pβ = 1 we deduce that T (C) ∈ K (C). The converse implication is proved
similarly.

Suppose now that M(C) ∈ K (Cp). Hence T (C) ∈ K (C) and so

mC ≤ T(C) ≤ MC

for some 0 < m ≤ M . Pick 0 < ε < 1 and λ > 1 such that ε1−β ≤ m and λ1−β ≥ M.
Consequently,

T(εC) ≥ εβT(C) ≥ εβmC ≥ εC

T(λC) ≤ λβT(C) ≤ λβMC ≤ λC

Hence T maps the interval [εC, λC] into itself. Since ε and λ can be taken arbitrarily
small and large, respectively, T maps K (C) into itself. By the usual monotone
iteration we deduce the existence of a fixed point in the interval [εC, λC].

Let U and V be two fixed points in K (C). We have thus

q−1U ≤ V ≤ qU

for some q > 1. Monotonicity and β-subhomogeneity give

q−βTU ≤ T
(
q−1U

)
≤ TV ≤ T (qU) ≤ qβTU

Using U = TU and V = TV yields

q−βU ≤ V ≤ qβU

Iterating
q−βn

U ≤ V ≤ qβn

U for every n

40



Letting n → ∞ gives U = V and so the fixed point in K (C) is unique.
Suppose now that M(C) /∈ K (Cp) and that, by contradiction, there is a fixed

point U ∈ K (C). Hence q−1C ≤ U ≤ qC for some q > 1. Monotonicity and subho-
mogeneity give

q−1TC ≤ U ≤ qTC

Namely U ∈ K (TC) ⇐⇒ TC ∈ K (U) = K (C) which contradicts the assumption
M(C) /∈ K (Cp). Consequently, no fixed point lies in K (C).

A.1.6 Proof of Proposition 11

The analogue of (43) is the equivalence:

M (Z) ∈ K
(
C−α/βZ1/β

)
⇐⇒ TZ ∈ K (Z)

which extends (43). Indeed, if M (Z) ∈ K
(
C−α/βZ1/β

)
then Mt (Zt+1) = C

−α/β
t Z

1/β
t Bt,

where B ∈ K (1) . Therefore

(TZ)t = Cα
t [Mt (Zt+1)]β = Bβ

t Zt

Namely, TZ ∈ K (Z). The converse is similar. At this point the proof goes on exactly
as the proof of Proposition 9, by replacing C with Z.

Finally, in the Epstein–Zin case, Mt(Zt+1) = (EtZ
s
t+1)1/s. Hence condition (14) is

equivalent to
(EtZ

s
t+1)1/s = C

−α/β
t Z

1/β
t B̃t

for some B̃ ∈ K(1). Raising to the power s and setting Bt := B̃ s
t ∈ K(1) gives (15).

If Bt ≡ B > 0, then (TZ)t = Cα
t [Mt (Zt+1)]β = Cα

t C
−α
t ZtB

β/s = B
β/s
Zt. Hence,

TZ = B
β/s
Z. Setting now U = B

β
αsZ, we get

TU = T
(
B

β
αsZ

)
= B

β2
αs T(Z) = B

β2
αsB

β/s
Z = B

β2
αsB

β/s
B

− β
αsU = U

as desired. ■

A.1.7 Proof of Proposition 12

Suppose r < 0; the other case is similar. Let X be any process in K (C) and U be the
unique fixed point in K (C) . Consequently there exist a sufficiently small ε ∈ (0, 1)
and a sufficiently large λ > 1 such that X,U ∈ [εC, λC] and with T(εC) ≥ εC,
T(λC) ≤ λC. Iterating the relation

εC ≤ X ≤ λC
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we get Tn (εC) ≤ Tn
(
X
)

≤ Tn (λC) and so

Tn (εC) − U ≤ TnX − U ≤ Tn (λC) − U

Since Tn (εC) ↑ U and Tn (λC) ↓ U it follows that Tn (εC) − U ≤ 0 and Tn (λC) −
U ≥ 0. This implies ∣∣∣Tn

(
X
)

− U
∣∣∣ ≤ Zn

where Zn =
(
Tn (λC) − U

)
∨
(
U − Tn (εC)

)
. Clearly Zn ≥ 0 and Zn+1 ↓ 0 and this

proves the first claim. On the other hand∥∥∥U − Tn
(
X
)∥∥∥ =

∥∥∥ ∣∣∣U − Tn
(
X
)∣∣∣ ∥∥∥ ≤ ∥Zn∥ ↓ 0

by the monotone convergence theorem. ■

A.1.8 Proof of Proposition 13

Let r ∈ (0, 1) and U = T(U) be a fixed point. In view of (11) U ≥ (1 − β)1/r C. Let
λ be the greatest scalar such that U ≥ λC (see Section 2). Therefore,

U = T (U) ≥ T
(
λC

)
= W

(
C,M

(
λC

))
= W

(
C, λM (C)

)
= CW

(
1, λM (C)

C

)
= C

[
(1 − β) + βλ

r

[
M(C)
C

]r]1/r

Inequality (17) implies
U ≥ C

[
(1 − β) + λ

r
]1/r

Thanks to the property of the scalar λ, we would have

λ ≥
[
(1 − β) + λ

r
]1/r

⇐⇒ λ
r ≥ (1 − β) + λ

r

which is absurd. Hence, there is no fixed point.
The case r < 0 is similar by taking into account that U ≤ (1 − β)1/r C holds for

any fixed point of T. ■

A.1.9 Proof of Proposition 14

Let r ∈ (0, 1). Suppose, by contradiction, that a fixed point U belongs to K(C).
There is then a constant q > 1 such that q−1C ≤ U ≤ qC. Monotonicity and
subhomogeneity of the certainty equivalent imply

Mt(Ut+1) ≥ Mt(q−1Ct+1) ≥ q−1Mt(Ct+1).
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Dividing the recursive-utility equation by Ct and using r > 0 therefore gives

q ≥ Ut

Ct

=
[
1 − β + β

(
Mt(Ut+1)

Ct

)r]1/r

≥

β1/r Mt(Ut+1)
Ct

≥ β1/rq−1 Mt(Ct+1)
Ct

It follows that sup M(C)
C

< ∞. A contradiction.
Analogously, suppose r < 0 and q−1C ≤ U ≤ qC where U is a fixed point of T.

Then we can write

Mt(Ut+1) ≤ Mt(qCt+1) ≤ qMt(Ct+1).

In this case

q−1 ≤ Ut

Ct

=
[
1 − β + β

(
Mt(Ut+1)

Ct

)r]1/r

≤ β1/r Mt(Ut+1)
Ct

≤ β1/rq
Mt(Ct+1)

Ct

and so M(C)
C

≫ 0 which contradicts our hypothesis. ■

A.1.10 Proof of Proposition 15

Suppose first that r ∈ (0, 1) and let (1 − β)1/r ≤ φ ≤ b. By monotonicity, in view of
(25),

(1 − β)1/r ≤ Aφ ≤ Ab = Γr

(
bh(ξ)

)
≤ Γr

(
bh
)

=
(
(1 − β) + βbrh

r
)1/r

.

Hence A maps [(1 − β)1/r, b] into itself whenever

b ≥
(

1 − β

1 − βh
r

)1/r

,

which is well defined under (30).
For r < 0, an analogous argument, using h = inf h, shows that A maps [b, (1 −

β)1/r] into itself whenever

0 < b ≤
(

1 − β

1 − βh r

)1/r

.

In either case, monotonicity and σ-order continuity imply that the iterates from
the endpoints of the invariant interval converge monotonically to its least and greatest
fixed points. When M is order concave, A is order concave, and uniqueness follows
from the same lower-perimeter arguments as in the proofs of Propositions 4 and 6.
Finally, for r ∈ (0, 1) every fixed point belongs to K(1). ■

43



References
[1] C. D. Aliprantis and K. C. Border, Infinite Dimensional Analysis: A Hitchhiker’s

Guide, 3rd ed., Springer, Berlin, 2006.

[2] H. Amann, “Fixed Point Equations and Nonlinear Eigenvalue Problems in Or-
dered Banach Spaces,” SIAM Review, 18(4), 620–709, 1976.

[3] D. K. Backus, B. R. Routledge, and S. E. Zin, “Exotic Preferences for Macroe-
conomists,” in M. Gertler and K. Rogoff, eds., NBER Macroeconomics Annual
2004, Vol. 19, MIT Press, pp. 319–390, 2005.

[4] Ł. Balbus, “On Recursive Utilities with Non-Affine Aggregator and Conditional
Certainty Equivalent,” Economic Theory, 70(2), 551–577, 2020.

[5] R. Bansal and A. Yaron, “Risks for the Long Run: A Potential Resolution of
Asset Pricing Puzzles,” Journal of Finance, 59(4), 1481–1509, 2004.

[6] P. F. Beker and J. Y. Chen, “If You’re NOT So Smart, Why Are You Rich?
Robust Market Selection with General Recursive Preferences,” SSRN work-
ing paper, 2026. https://papers.ssrn.com/sol3/papers.cfm?abstract_id=
4794294.

[7] R. M. Bidder and M. E. Smith, “Doubts and Variability: A Robust Perspective
on Exotic Consumption Series,” Journal of Economic Theory, 175, 689–712,
2018.

[8] G. Bloise, C. Le Van, and Y. Vailakis, “Do Not Blame Bellman: It Is Koopmans’
Fault,” Econometrica, 92(1), 111–140, 2024.

[9] G. Bloise and Y. Vailakis, “Convex Dynamic Programming with (Bounded)
Recursive Utility,” Journal of Economic Theory, 173, 118–141, 2018.

[10] J. Borovička and J. Stachurski, “Necessary and Sufficient Conditions for Exis-
tence and Uniqueness of Recursive Utilities,” Journal of Finance, 75(3), 1457–
1493, 2020.

[11] J. H. Boyd III, “Recursive Utility and the Ramsey Problem,” Journal of Eco-
nomic Theory, 50(2), 326–345, 1990.

[12] Y. Cai and T. S. Lontzek, “The Social Cost of Carbon with Economic and
Climate Risks,” Journal of Political Economy, 127(6), 2684–2734, 2019.

[13] L. E. Calvet, J. Y. Campbell, F. J. Gomes, and P. Sodini, “The Cross-Section
of Household Preferences,” Journal of Finance, 81(5), 2773–2808, 2026.

44

https://papers.ssrn.com/sol3/papers.cfm?abstract_id=4794294
https://papers.ssrn.com/sol3/papers.cfm?abstract_id=4794294


[14] T. M. Christensen, “Existence and Uniqueness of Recursive Utilities without
Boundedness,” Journal of Economic Theory, 200, 105413, 2022.

[15] Y. Du, “Fixed Points of Increasing Operators in Ordered Banach Spaces and
Applications,” Applicable Analysis, 38, 1–20, 1990.

[16] L. G. Epstein and S. E. Zin, “Substitution, Risk Aversion, and the Tempo-
ral Behavior of Consumption and Asset Returns: A Theoretical Framework,”
Econometrica, 57(4), 937–969, 1989.

[17] C. Gouriéroux and J. Jasiak, “Autoregressive Gamma Processes,” Journal of
Forecasting, 25(2), 129–152, 2006.

[18] L. P. Hansen, J. C. Heaton, J. Lee, and N. Roussanov, “Intertemporal Substi-
tution and Risk Aversion,” in J. J. Heckman and E. E. Leamer, eds., Handbook
of Econometrics, Vol. 6A, Chapter 61, Elsevier, pp. 3967–4056, 2007.

[19] L. P. Hansen and T. J. Sargent, “Robust Control and Model Uncertainty,”
American Economic Review, 91(2), 60–66, 2001.

[20] L. P. Hansen and J. A. Scheinkman, “Long-Term Risk: An Operator Approach,”
Econometrica, 77(1), 177–234, 2009.

[21] L. P. Hansen and J. A. Scheinkman, “Recursive Utility in a Markov Environment
with Stochastic Growth,” Proceedings of the National Academy of Sciences,
109(30), 11967–11972, 2012.

[22] T. Hayashi and J. Miao, “Intertemporal Substitution and Recursive Smooth
Ambiguity Preferences,” Theoretical Economics, 6(3), 423–472, 2011.

[23] N. Ju and J. Miao, “Ambiguity, Learning, and Asset Returns,” Econometrica,
80(2), 559–591, 2012.

[24] L. Kantorovich, “The Method of Successive Approximations for Functional Equa-
tions,” Acta Mathematica, 71, 63–97, 1939.

[25] P. Klibanoff, M. Marinacci, and S. Mukerji, “A Smooth Model of Decision
Making under Ambiguity,” Econometrica, 73(6), 1849–1892, 2005.

[26] P. Klibanoff, M. Marinacci, and S. Mukerji, “Recursive Smooth Ambiguity Pref-
erences,” Journal of Economic Theory, 144(3), 930–976, 2009.

[27] M. A. Krasnosel’skii, Positive Solutions of Operator Equations, Noordhoff,
Groningen, 1964.

[28] M. Lettau, S. C. Ludvigson, and J. A. Wachter, “The Declining Equity Premium:
What Role Does Macroeconomic Risk Play?” Review of Financial Studies, 21(4),
1653–1687, 2008.

45



[29] C. Le Van and Y. Vailakis, “Recursive Utility and Optimal Growth with Bounded
or Unbounded Returns,” Journal of Economic Theory, 123(2), 187–209, 2005.

[30] M. Marinacci and L. Montrucchio, “Unique Solutions for Stochastic Recursive
Utilities,” Journal of Economic Theory, 145(5), 1776–1804, 2010.

[31] M. Marinacci and L. Montrucchio, “Unique Tarski Fixed Points,” Mathematics
of Operations Research, 44(4), 1174–1191, 2019.

[32] V. F. Martins-da-Rocha and Y. Vailakis, “Fixed Point for Local Contractions:
Applications to Recursive Utility,” International Journal of Economic Theory,
9(1), 23–33, 2013.

[33] R. Mehra and E. C. Prescott, “The Equity Premium: A Puzzle,” Journal of
Monetary Economics, 15(2), 145–161, 1985.

[34] J. Neveu, Mathematical Foundations of the Calculus of Probability, Holden-Day,
San Francisco, 1965.

[35] E. A. Ok, Elements of Order Theory, unpublished book, New York University,
2011.

[36] W. Pohl, K. Schmedders, and O. Wilms, “Existence of the Wealth-Consumption
Ratio in Asset Pricing Models with Recursive Preferences,” Review of Financial
Studies, 37(3), 989–1028, 2024.

[37] G. Ren and J. Stachurski, “Dynamic Programming with Value Convexity,” Au-
tomatica, 130, 109641, 2021.

[38] N. L. Stokey, R. E. Lucas, Jr., and E. C. Prescott, Recursive Methods in Eco-
nomic Dynamics, Harvard University Press, Cambridge, MA, 1989.

[39] A. C. Thompson, “On Certain Contraction Mappings in a Partially Ordered
Vector Space,” Proceedings of the American Mathematical Society, 14(3), 438–
443, 1963.

[40] J. A. Wachter, “Can Time-Varying Risk of Rare Disasters Explain Aggregate
Stock Market Volatility?” Journal of Finance, 68(3), 987–1035, 2013.

[41] P. Weil, “The Equity Premium Puzzle and the Risk-Free Rate Puzzle,” Journal
of Monetary Economics, 24(3), 401–421, 1989.

[42] P. Weil, “Nonexpected Utility in Macroeconomics,” Quarterly Journal of Eco-
nomics, 105(1), 29–42, 1990.

46



S Supplemental Appendix

S.1 Concavity of the certainty equivalents
We have frequently claimed in the present paper the concavity of certainty equivalents
by resorting to a well-established property, known in the finite-dimensional setting: a
positively homogeneous and quasi-concave function is concave on the positive cone.

We intend to point out an extension of this basic result to the class of quasi-
arithmetic operators

Φ(X) = (E [φ(X)s | F ])1/s

Clearly the functional Φ takes values in an ordered vector space and therefore the
concepts of concavity as well as quasi-concavity must be adapted. The translation to
a Markovian setting is straightforward.

Let φ : Bs → L0
++(Ω,Σ,P) be a (conditionally) positively homogeneous and

concave function defined on a (conditionally) convex set Bs of L0
+(Ω,Σ,P) such that

E[φ(X)s | F ] is finite for every X ∈ Bs and where F is a sub-σ-algebra of Σ.

Proposition 17. The map

Φ(X) = (E [φ(X)s | F ])1/s

from Bs to L0
++(Ω,F ,P) is positively homogeneous and concave for every s ∈ (−∞, 0)∪

(0, 1).

A similar result holds for s > 1, provided φ is positively homogeneous and convex.
In this case Φ(X) is convex.

Notice that, by virtue of the property of the expectation, a stronger property of
homogeneity will be useful. Namely,

Φ(Y X) = Y Φ(X) for X ∈ Bs and Y ∈ L0
++(Ω,F ,P). (44)

Earlier, we called this property conditional positive homogeneity in subsection 4.2.

Proof. The map Φ is well defined for every X ∈ Bs, and Φ (X) is a finite and
strictly positive F -measurable random variable for every X ∈ Bs.

Let us first assume s ∈ (0, 1) .
It is trivial to check that the map X 7−→ φ (X)s from Bs into L0

++ turns out to
be concave for s ∈ (0, 1) . Consider first the map

ρ (X) = E [φ (X)s |F ]

defined on Bs. From the properties of the conditional expectation (see for instance
[34, Sect. IV.3]) it follows that the concavity is preserved. Hence,

ρ
(
βX1 + βX2

)
≥ βρ (X1) + βρ (X2)
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for all X1, X2 ∈ Bs and β = 1 − β.
We show that ρ is quasi-concave in the following sense. Given any Y ∈ L0

++ (Ω,F ,P),
define the upper-level set

Uρ (Y ) = {X ∈ Bs : ρ (X) ≥ Y }

It is easy to check that Uρ (Y ) is convex whenever it is not empty.
Since Φ (X) = [ρ (X)]1/s, we have UΦ (Y ) = Uρ (Y s) because X 7−→ Xs is strictly

increasing. Hence Φ (X) = (E [φ (X)s |F ])1/s is quasi-concave as well.
Now let Yi = Φ(Xi) for Xi ∈ Bs and i = 1, 2. In view of (44), we have Φ(Xi/Yi) =

Φ(Xi)/Yi = 1. Consequently, Xi/Yi ∈ UΦ (1). But UΦ (1) is convex. Hence

Φ
(

Y1

Y1 + Y2
· X1

Y1
+ Y2

Y1 + Y2
· X2

Y2

)
= Φ

(
X1 +X2

Y1 + Y2

)
≥ 1

and hence Φ(X1 + X2) ≥ Φ(X1) + Φ(X2). This is superadditivity; combined with
positive homogeneity, it implies concavity.

When s < 0, the map X 7→ φ(X)s is convex, so ρ is convex. Because t 7→ t1/s is
decreasing, Φ is again quasi-concave and the proof proceeds in the same way. ■

S.2 Calculations for the hidden-regime model
Here, we formally recast the two-state hidden-regime model from Ju and Miao [23] into
our Markov economy notation and then verify the calculations reported in Section 4.5
(see also Section 3 in [23]).

Primitive hidden-regime economy. Let St ∈ {1, 2} be the unobserved regime,
with transition probabilities

P(St+1 = 1 | St = 1) = λ11, P(St+1 = 1 | St = 2) = λ21, 0 < λ21 < λ11 < 1.

At date t, the agent has observed the growth history Yt = σ(g1, . . . , gt), but not
the underlying regime. The agent’s belief at time t that the economy will be in the
high-growth regime in the next period is

µt := P(St+1 = 1 | Yt).

Conditional on St+1 = i, the density of gt+1 is fi. The conditional density of gt+1
given the information available at date t is therefore obtained from the law of total
probability:

fgt+1|Yt(g) =
2∑

i=1
P(St+1 = i | Yt)fgt+1|St+1=i,Yt(g)

= µtf1(g) + (1 − µt)f2(g) := fµt(g).
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After observing gt+1 = g, the agent updates the belief p(µt, g) that the regime
realized at date t + 1 was the high-growth regime. Since Yt+1 = σ(Yt, gt+1), Bayes’
rule gives

p(µt, g) := P(St+1 = 1 | Yt, gt+1 = g)

= P(St+1 = 1 | Yt)fgt+1|St+1=1,Yt(g)
fgt+1|Yt(g)

= µtf1(g)
µtf1(g) + (1 − µt)f2(g)

= µtf1(g)
fµt(g)

. (45)

For µt+1 we obtain

µt+1 =
2∑

i=1
P(St+2 = 1 | St+1 = i,Yt+1)P(St+1 = i | Yt+1)

= λ11p(µt, gt+1) + λ21
[
1 − p(µt, gt+1)

]
(46)

= λ21 + (λ11 − λ21)p(µt, gt+1) := B(µt, gt+1).

Now, because 0 < µ < 1 and the Gaussian densities f1(g) and f2(g) are strictly
positive for every finite g, Bayes’ formula implies p(µ, g) ∈ (0, 1), and since 0 < λ21 <
λ11 < 1, it follows that

λ21 < B(µ, g) < λ11.

Hence, we can conclude that µt ∈ (λ21, λ11) for every t ≥ 1. Therefore, one can take
its closure Z = K := [λ21, λ11] as the state space.

Function κ. Note that equation (46) is equivalent to

p(µt, gt+1)
1 − p(µt, gt+1)

= µt+1 − λ21

λ11 − µt+1
,

which using (45) yields
f1(gt+1)
f2(gt+1)

= 1 − µt

µt

µt+1 − λ21

λ11 − µt+1
.

Using the fact that f1 and f2 are normal densities with a common variance, we obtain

log f1(gt+1)
f2(gt+1)

= ḡ1 − ḡ2

σ2

(
gt+1 − ḡ1 + ḡ2

2

)
.

Therefore, combining these two identities gives

log
(

1 − µt

µt

)
+ log

(
µt+1 − λ21

λ11 − µt+1

)
= ḡ1 − ḡ2

σ2

(
gt+1 − ḡ1 + ḡ2

2

)
,
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which, when solved for gt+1 = κ(µt, µt+1), yields

κ(µt, µt+1) = ḡ1 + ḡ2

2 + σ2

ḡ1 − ḡ2

[
log µt+1 − λ21

λ11 − µt+1
− log µt

1 − µt

]
.

Thus, conditional on the current belief, the next belief and realized growth contain
the same information. This is the function used in (34).

Transition kernel Q. We want to find P(µt+1 ∈ A | µ0, . . . , µt). Using the fact
that µt+1 = B(µt, gt+1) and the law of iterated expectations, we can write

P(µt+1 ∈ A | µ0, . . . , µt) = E [P(µt+1 ∈ A | Yt) | µ0, . . . , µt]

= E
[∫

R
1A

(
B(µt, g)

)
fµt(g) dg | µ0, . . . , µt

]
=
∫
R

1A

(
B(µt, g)

)
fµt(g) dg = P(µt+1 ∈ A | µt).

Therefore, (µt)t≥0 is a time-homogeneous Markov process with transition kernel Q
given by

Q(µt, A) := P(µt+1 ∈ A | µt) =
∫
R

1A

(
B(µt, g)

)
fµt(g) dg.

For each fixed µ, the map g 7→ B(µ, g) is a continuously differentiable and strictly
increasing bijection from R onto (λ21, λ11). Hence, it is immediate to verify that
Q(µ, ·) is absolutely continuous with respect to the Lebesgue measure and its Radon–
Nikodym derivative is

dQ(µ, ·)
dµ′ (µ′) = fµ

(
κ(µ, µ′)

)∂κ(µ, µ′)
∂µ′ = fµ

(
κ(µ, µ′)

)
J(µ, µ′),

for every µ′ ∈ (λ21, λ11). Hence

Q(µ, dµ′) = fµ

(
κ(µ, µ′)

)
J(µ, µ′) dµ′,

or, equivalently, for every Borel set A ⊆ K,

Q(µ,A) =
∫

A
fµ

(
κ(µ, µ′)

)
J(µ, µ′) dµ′,

as desired.

Integrability of consumption. Since Ct = C0 exp
(∑t

j=1 gj

)
, Ct is Yt-measurable.

In particular, we have that

E[Ct+1 | Yt] = Ct E[egt+1 | Yt] = Ct

{
µtE[eḡ1+σεt+1 ] + (1 − µt)E[eḡ2+σεt+1 ]

}
.

50



As εt+1 ∼ N(0, 1), we get

E[eḡi+σεt+1 ] = exp
(
ḡi + 1

2σ
2
)
, i = 1, 2.

Thus
E[Ct+1 | Yt] = Ct exp

(1
2σ

2
) [
µte

ḡ1 + (1 − µt)eḡ2
]
. (47)

Since ḡ1 > ḡ2 and µt ≤ λ11, equation (47) gives

E[Ct+1 | Yt] ≤ Ct exp
(1

2σ
2
) [
λ11e

ḡ1 + (1 − λ11)eḡ2
]
.

Taking expectations and using the law of iterated expectations,

E[Ct+1] = E[E[Ct+1 | Yt]] ≤ exp
(1

2σ
2
) [
λ11e

ḡ1 + (1 − λ11)eḡ2
]
E[Ct].

Iterating this inequality yields

E[Ct] ≤ C0

(
exp

(1
2σ

2
) [
λ11e

ḡ1 + (1 − λ11)eḡ2
])t

.

Consequently,
∑
t≥0

δtE[Ct] < ∞ whenever δ exp
(1

2σ
2
) [
λ11e

ḡ1 + (1 − λ11)eḡ2
]
< 1,

as desired.

S.2.1 Smooth ambiguity model

Growth factor. For i = 1, 2, the regime-conditional certainty equivalent of con-
sumption is

Mi
t(Ct+1) = Ct

[∫
K
esκ(µt,µ′)Qi(µt, dµ

′)
]1/s

.

By the density representation of Qi and the change of variables g = κ(µ, µ′),∫
K
esκ(µ,µ′)Qi(µ, dµ′) =

∫
R
esgfi(g) dg = exp

(
sḡi + 1

2s
2σ2

)
.

Hence, with
ai := ḡi + 1

2sσ
2,

we have Mi
t(Ct+1) = Cte

ai . It follows that the smooth-ambiguity certainty equivalent
satisfies

Mt(Ct+1)
Ct

= h(µt),
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with
h(µ) = {µeηa1 + (1 − µ)eηa2}1/η

=
{
µ exp

[
η
(
ḡ1 + 1

2sσ
2
)]

+ (1 − µ) exp
[
η
(
ḡ2 + 1

2sσ
2
)]}1/η

.

Moreover,
h′(µ) = eηa1 − eηa2

η
[µeηa1 + (1 − µ)eηa2 ]1/η−1 > 0,

as a1 > a2. Thus h is increasing for every η ̸= 0, and its minimum and maximum on
K are attained at λ21 and λ11, respectively.

S.3 Rare-disaster economy
This appendix checks the formulas of Section 4.6. Recall that for every n ≥ 0,∫ ∞

0
H ′ (H ′)dH+n−1e−H′/c

cdH+nΓ(dH + n) dH ′ = c(dH + n),

where for every a > 0
Γ(a) :=

∫ ∞

0
xa−1e−x dx.

Disaster-intensity process. If q(H,H ′) denotes the conditional density defined
in (36), the associated transition kernel is

Q(H,A) =
∫

A
q(H,H ′) dH ′, A ∈ B(R+).

Consequently,

E[Ht+1 | Ht = H] =
∫
R+
H ′ Q(H, dH ′)

=
∫ ∞

0
H ′q(H,H ′) dH ′

=
∫ ∞

0
H ′e−ϕH/c

∞∑
n=0

(ϕH/c)n

n!
(H ′)dH+n−1e−H′/c

cdH+nΓ(dH + n) dH ′

= e−ϕH/c
∞∑

n=0

(ϕH/c)n

n!

∫ ∞

0
H ′ (H ′)dH+n−1e−H′/c

cdH+nΓ(dH + n) dH ′

= e−ϕH/c
∞∑

n=0

(ϕH/c)n

n! c(dH + n).

Given this, we obtain

E[Ht+1 | Ht = H] = ce−ϕH/c
∞∑

n=0

(ϕH/c)n

n! (dH + n)

= cdH + ce−ϕH/c
∞∑

n=0
n

(ϕH/c)n

n! = cdH + ϕH,
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where we are using e−λ∑∞
n=0 nλ

n/n! = λ. Therefore,

E[Ht+1 | Ht] = cdH + ϕHt,

as desired. Moreover, one can also show that (see [17, Appendix 1, Lemma 1])

E
[
ebHt+1 | Ht = H

]
= (1 − cb)−dH exp

(
ϕb

1 − cb
H

)
, cb < 1. (48)

Integrability of consumption. Using the law of iterated expectations and condi-
tioning first on jt+1, we obtain

E [egt+1 | Ht = H] = eνgE
[
eνjjt+1E

[
eσj

√
jt+1ηt+1+σεt+1

∣∣∣∣∣ jt+1, Ht = H

] ∣∣∣∣∣ Ht = H

]

= exp
(
νg + 1

2σ
2
)
E
[
exp

{(
νj + 1

2σ
2
j

)
jt+1

} ∣∣∣∣∣ Ht = H

]
.

The second equality uses the independence and standard normality of ηt+1 and εt+1,
together with E[eaX ] = ea2/2 for X ∼ N(0, 1).

Since jt+1 | Ht = H ∼ Poisson(H),

E
[
exp

{(
νj + 1

2σ
2
j

)
jt+1

} ∣∣∣∣∣ Ht = H

]

= e−H
∞∑

k=0

[
H exp

(
νj + 1

2σ
2
j

)]k
k!

= exp
{
H
[
exp

(
νj + 1

2σ
2
j

)
− 1

]}
.

Therefore,

E [egt+1 | Ht = H] = exp
(
νg + 1

2σ
2
)

exp
{
H
[
exp

(
νj + 1

2σ
2
j

)
− 1

]}
. (49)

If
νj + 1

2σ
2
j ≤ 0,

then
exp

(
νj + 1

2σ
2
j

)
− 1 ≤ 0,

and therefore
E [egt+1 | Ht] ≤ exp

(
νg + 1

2σ
2
)
. (50)
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Since Ct+1 = Cte
gt+1 , the law of iterated expectations and (50) imply

E[Ct+1 | H0] = E
[
CtE [egt+1 | Ht]

∣∣∣∣∣ H0

]

≤ exp
(
νg + 1

2σ
2
)
E[Ct | H0].

Iterating this inequality yields

E[Ct | H0] ≤ C0 exp
{
t
(
νg + 1

2σ
2
)}

.

Consequently,
∞∑

t=0
δtE[Ct | H0] ≤ C0

∞∑
t=0

[
δ exp

(
νg + 1

2σ
2
)]t

< ∞
whenever

δ exp
(
νg + 1

2σ
2
)
< 1.

A sufficient condition for C ∈ L1
++(δ) is

νj + 1
2σ

2
j ≤ 0 and 0 < δ < min

{
1, exp

(
−νg − 1

2σ
2
)}

,

as desired.

Function h. Using (37) and the same calculation as in (49) we have

h(H)s = E [esgt+1 | Ht = H] = exp
(
sνg + 1

2s
2σ2

)
× exp

{
H
[
exp

(
sνj + 1

2s
2σ2

j

)
− 1

]}
.

Namely,
h(H) = exp

{
νg + 1

2sσ
2 + H

s

[
exp

(
sνj + 1

2s
2σ2

j

)
− 1

]}
.

Defining

Bs := exp
(
νg + 1

2sσ
2
)
, As :=

exp
(
sνj + 1

2s
2σ2

j

)
− 1

s
,

we get
h(H) = Bse

AsH ,

as desired.
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Fixed points. In this case the operator A of Section 4.2 leads to

(Aφ)(H) =

(1 − β) + β

[∫
R+

∫
Y
esκ(H,y)φ(H ′)s ν(dy)Q(H, dH ′)

]r/s


1/r

=

(1 − β) + β

[(∫
Y
esκ(H,y) ν(dy)

)(∫
R+
φ(H ′)sQ(H, dH ′)

)]r/s


1/r

=

(1 − β) + β

[
h(H)s

∫
R+
φ(H ′)sQ(H, dH ′)

]r/s


1/r

.

Hence φ is a fixed point of A if

φ(H) =

(1 − β) + β

[
h(H)s

∫
R+
φ(H ′)sQ(H, dH ′)

]r/s


1/r

.

By Proposition 16, every such positive fixed point φ generates a separable recursive
utility

Ut = φ(Ht)Ct.

As limH→∞ h(H) = 0, it follows that any fixed point φ of A must satisfy limH→∞ φ(H) =
(1 − β)1/r, which is consistent with the fact that φ ∈ K(1).

Unit-EIS solutions. Consider the ansatz

Zt = Ct exp
(
b

s
Ht

)
,

where b is an unknown parameter to be determined. Since, conditional on Ht, the
shocks determining consumption growth are independent of Ht+1,

Et[Zs
t+1] = Cs

t Et[esgt+1 ]Et[ebHt+1 ].

Using h(H) = (E [esgt+1 | Ht = H])1/s = Bse
AsH and (48), we obtain

Et[Zs
t+1] = Cs

tB
s
s(1 − cb)−dH exp

{(
sAs + ϕb

1 − cb

)
Ht

}
,

for cb < 1. The right-hand side of (15) is

C
−αs/β
t Z

s/β
t Bt = Cs

t exp
(
b

β
Ht

)
Bt.

It follows that

Bt = Bs
s(1 − cb)−dH exp

{(
sAs + ϕb

1 − cb
− b

β

)
Ht

}
.
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SinceHt has unbounded support on R+, we have B ∈ K(1) if and only if the coefficient
of Ht in the exponent is zero, that is,

sAs + ϕb

1 − cb
= b

β
,

or, equivalently,
cb2 + (βϕ− 1 − βsAsc) b+ βsAs = 0.

Under the calibration of Table 2, the two roots are

b1 ≃ 231.8, b2 ≃ 773.2,

and therefore
Z

(1)
t ≃ Cte

−83.39Ht , Z
(2)
t ≃ Cte

−278.1Ht .

For each root, the corresponding process in (15) is constant,

B
(i)
t ≡ B̄i = Bs

s(1 − cbi)−dH .

Hence, in view of (16), the unique recursive utilities in the two corresponding cones
are

U (i) = B̄
β/[s(1−β)]
i Z(i), i = 1, 2,

which numerically yield the two utilities

U
(1)
t ≃ Cte

0.3686−83.39Ht , U
(2)
t ≃ Cte

−3.022−278.1Ht .

S.4 Calculations for the long-run risk model
Here we prove the claims in Section 4.7. In the constant-volatility specification we
write σt ≡ σ̄ > 0, consistently with the calibration in (39). Throughout, C0 > 0 and
X0 ∈ R are assumed to be deterministic.

Failure of uniqueness. Let us first describe the general model (38). Let Qvol be
the transition kernel of the Markov process (σt) and η the distribution of εx

1 . The
Markov state (Xt, σt) has transition kernel

Q
(
(x, σ), A×B

)
= Qvol(σ,B)

∫
R

1A(ρx+ χσe) η(de),

for Borel sets A ⊆ R and B ⊆ (0,∞). The growth function κ in (22) is

κ
(
(x, σ), (x′, σ′), y′

)
= µc + x+ σy′.

Under our assumptions, we have that

Et[Cs
t+1] = Cs

t e
s(a+Xt)Et[esσtYt+1 ],
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which implies
Mt(Ct+1)

Ct

= ea+Xt

(
Et[esσtYt+1 ]

)1/s
= h(Xt, σt).

Therefore,
h(x, σ) = ea+x

(
E[esσY1 ]

)1/s
.

Observe that h(x, σ) → ∞ as x → ∞.

Constant-volatility model. For the rest of the construction, let 0 < ρ < 1 and
σt := σ̄ > 0, and take both innovation sequences to be standard normal. Write
σx = χσ̄ > 0. The dynamic model becomes

log Ct+1

Ct

= a+Xt + σ̄Yt+1, Xt+1 = ρXt + σxε
x
t+1.

Given the ansatz
Zt = Ct exp

(
qX2

t + bXt

s

)
the factor multiplying Bt on the right-hand side of (15) is given by

C
−(1−β)s/β
t Z

s/β
t = C

−(1−β)s/β+s/β
t exp

(
qX2

t + bXt

β

)

= Cs
t exp

(
qX2

t + bXt

β

)
.

The left-hand side of equation (15) is

Et[Zs
t+1] = Cs

t e
s(a+Xt)E[esσ̄Y1 ]Et[eqX2

t+1+bXt+1 ].

Observe that we have

E[esσ̄Y1 ] = 1√
2π

∫
R
esσ̄y−y2/2 dy

= es2σ̄2/2 1√
2π

∫
R
e−(y−sσ̄)2/2 dy = es2σ̄2/2.

For the state innovation, put d = 1−2qσ2
x and assume d > 0. Conditional on Xt = x,

the next state has the form Xt+1 = ρx+σxε
x
t+1, where εx

t+1 is standard normal. Hence

Et[eqX2
t+1+bXt+1 ] = 1√

2π

∫
R

exp
(
q(ρx+ σxy)2 + b(ρx+ σxy) − y2

2

)
dy.

Expanding the exponent gives

q(ρx+ σxy)2 + b(ρx+ σxy) − y2

2
= qρ2x2 + bρx+

(
qσ2

x − 1
2

)
y2 + σx(2qρx+ b)y.
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Since d = 1 − 2qσ2
x > 0, the coefficient of y2 is −d/2. Taking the terms independent

of y outside the integral therefore yields

Et[eqX2
t+1+bXt+1 ] = eqρ2x2+bρx

√
2π

∫
R

exp
(

−d

2y
2 + σx(2qρx+ b)y

)
dy.

To evaluate this integral, set m = σx(2qρx+ b)/d and complete the square:

−d

2y
2 + σx(2qρx+ b)y = −d

2(y −m)2 + d

2m
2.

The change of variables u =
√
d (y −m) gives∫

R
e−d(y−m)2/2 dy = 1√

d

∫
R
e−u2/2 du =

√
2π
d
.

Consequently,

Et[eqX2
t+1+bXt+1 ] = d−1/2 exp

(
qρ2x2 + bρx+ σ2

x(2qρx+ b)2

2d

)
.

Finally, putting the exponent over the common denominator d and using d +
2qσ2

x = 1, its numerator simplifies to

d(qρ2x2 + bρx) + σ2
x

2 (2qρx+ b)2

= (d+ 2qσ2
x)(qρ2x2 + bρx) + σ2

xb
2

2

= qρ2x2 + bρx+ σ2
xb

2

2 .

We therefore obtain

Et[eqX2
t+1+bXt+1 ] = d−1/2 exp

(
qρ2X2

t + bρXt + 1
2σ

2
xb

2

d

)
,

which implies

Et[Zs
t+1] = Cs

t exp
(
sa+ s2σ̄2

2

)
d−1/2

× exp
(
sXt +

qρ2X2
t + bρXt + 1

2σ
2
xb

2

d

)
.

Dividing this expression by Cs
t exp((qX2

t + bXt)/β), we find that the process B in
(15) satisfies:

logBt = sa+ s2σ̄2

2 − 1
2 log d+ σ2

xb
2

2d

+ q

(
ρ2

d
− 1
β

)
X2

t +
(
s+ bρ

d
− b

β

)
Xt.
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Hence B ∈ K(1) is equivalent to

q

(
ρ2

d
− 1
β

)
= 0, s+ bρ

d
− b

β
= 0.

If q = 0, then d = 1 and the second equation gives b = βs/(1 −βρ). If q ̸= 0, the first
equation gives d = βρ2. In view of the definition of d we get q = (1 − βρ2)/(2σ2

x),
while the second equation becomes

s+ b

βρ
− b

β
= 0 ⇐⇒ βsρ+ b(1 − ρ) = 0.

The two choices are therefore

(q0, b0) =
(

0, βs

1 − βρ

)
, (q1, b1) =

(
1 − βρ2

2σ2
x

,
βsρ

ρ− 1

)
.

They satisfy q1 > 0, d0 = 1, and d1 = βρ2 > 0, where di = 1 − 2qiσ
2
x. Thus the

conditional moments evaluated above are finite for both choices. The residuals are
the positive constants

B̄i = exp
(
sa+ s2σ̄2

2 − 1
2 log di + σ2

xb
2
i

2di

)
, i = 0, 1.

Finally, set Z(i)
t = Ct exp((qiX

2
t + biXt)/s). By (16), the separable utilities are

U
(i)
t = B̄

β/[s(1−β)]
i Z

(i)
t = Ct exp

(
Ai + qiX

2
t + biXt

s

)
, i = 0, 1,

where Ai = β log B̄i/[s(1 − β)]. It remains to check that C,Z(i) ∈ L1
++(δ).

A sufficient condition for C,Z(i) ∈ L1
++(δ). Let

R := exp
(
a+ σ̄2

2 + σ2
x

2(1 − ρ)2

)
.

Now iterating the state equation gives Xk = ρkX0 +σx
∑k

j=1 ρ
k−jεx

j . Substituting this
expression into log(Ct/C0) = ta+∑t−1

k=0 Xk +σ̄∑t
j=1 Yj and summing up the geometric

series we obtain for t ≥ 1

log Ct

C0
= ta+ 1 − ρt

1 − ρ
X0 + σ̄

t∑
j=1

Yj

+ σx

t−1∑
j=1

1 − ρt−j

1 − ρ
εx

j .
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As the shocks are independent standard normal random variables, we obtain

E[Ct] = C0 exp

t
(
a+ σ̄2

2

)
+ 1 − ρt

1 − ρ
X0 + σ2

x

2

t−1∑
j=1

(
1 − ρt−j

1 − ρ

)2


≤ C0 exp
(

|X0|
1 − ρ

)
Rt.

This inequality uses the inequality 0 ≤ (1 − ρk)/(1 − ρ) ≤ 1/(1 − ρ) and the fact that
the sum has at most t terms. Consequently, whenever 0 < δ < min{1, R−1},

∞∑
t=0

δtE[Ct] ≤ C0 exp
(

|X0|
1 − ρ

) ∞∑
t=0

(δR)t = C0 exp(|X0|/(1 − ρ))
1 − δR

< ∞.

It follows that δR < 1 implies C ∈ L1
++(δ). Incidentally, quick calculations also reveal

that δR < 1 is a necessary condition for C ∈ L1
++(δ).

Finally, observe that since 0 < b0/s < 1/(1−ρ), the Gaussian AR(1) specification
gives, for sufficiently large n and some constant K > 0,

Z
(0)
t ≤ Ct +KEt[Ct+n].

Completing the square also gives Z(1)
t ≤ e−b2

1/(4q1s)Ct. Taking expectations and sum-
ming with weights δt therefore shows that admissibility of C implies admissibility of
both generators and their constant multiples U (i).

Bansal–Yaron Case I calibration. Under (39) we have

σx = 0.044 × 0.0078 = 0.0003432,

q0 = 0, b0 = 0.998(−9)
1 − 0.998(0.979) ,

q1 = 1 − 0.998(0.979)2

2(0.0003432)2 , b1 = 0.998(−9)(0.979)
0.979 − 1 .

Using these exact expressions in the formula for Ai above gives

A0 ≃ 0.1121, b0/s ≃ 43.47, q0/s = 0,
A1 ≃ −1.219, b1/s ≃ −46.53, q1/s ≃ −2.051 × 104.

Substituting these values into the formula found above we obtain the two recursive
utilities

U
(0)
t ≃ Ct exp(0.1121 + 43.47Xt) ,

U
(1)
t ≃ Ct exp

(
−1.219 − 46.53Xt − (2.051 × 104)X2

t

)
.
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For this calibration, the consumption admissibility condition is 0 < δ < R−1,
where

R−1 = exp
(

−0.0015 − 0.00782

2 − 0.00034322

2(1 − 0.979)2

)
≃ 0.9983.

Under the calibration in (39), subtracting the exponents of the two utilities gives

log U
(1)
t

U
(0)
t

≃ −1.331 − 90.00Xt − (2.051 × 104)X2
t .

This quadratic is maximized at

Xt ≃ − 90.00
2(2.051 × 104) ≃ −0.002194,

where its value is
−1.331 + 90.002

4(2.051 × 104) ≃ −1.232 < 0.

Hence, we obtain that U (1)
t < U

(0)
t as desired.
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